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ABSTRACT 

 

The global healthcare market for wearable technology is expected to grow 

exponentially over the next few years. The growing occurrence of lifestyle diseases, 

sedentary lifestyle, busy work schedules, technological advancements in health 

monitoring devices, and increased usage of remote devices seem to be some of the 

most important factors fueling this growth. According to the United Nations 

Sustainable Development Goal No. 3 (SDG – Goal 3), for sustainable development it 

is imperative to ensure health and well-being across all ages, and is achievable only 

through effective and continuous healthcare monitoring. This can be done by wrist 

based activity monitoring devices which track everyday activities. To explore what 

influences individuals intentions to buy those devices, this study was carried out 

through structural equation modelling (SEM) method. Three independent variables; 

personal perceived usefulness, personal ease of use and personal innovativeness and 

one dependent variable; buying intention were studied. The theoretical framework 

was derived from Technology Acceptance Model (TAM) from which personal 

perceived usefulness and personal ease of use were obtained and in an attempt to 

further add and extend TAM, personal innovativeness was also used as the current 

theoretical understanding for buying intention of wearable health monitoring device is 



 
 

lacking. Through SEM analogy using quantitative research methodology, a total of 

400 individuals were surveyed through questionnaire. SEM methodology measures 

latent variables through observed variables as they cannot be measured directly which 

was achieved through questionnaire in this research. This enabled the researcher to 

also study the correlation between the different independent variables which may 

explain the impact on the buying intention of an individual for wearable health 

monitoring devices. As hypothesized, the study found that all the three independent 

variables; personal innovativeness, personal perceived usefulness, and personal ease 

of use have a significant impact on the individuals’ buying intention (dependent 

variable) of wearable health monitoring devices. In addition to that, correlation and 

significant relationship between personal innovativeness, personal perceived 

usefulness and personal ease of use were also discovered. As a result useful 

implications and recommendations were provided for industries, businesses and future 

researchers to enhance buying intention of wearable health monitoring devices. 

 

Keywords: Wearable devices, health monitoring devices, activity monitoring devices, 

        buying intention, SEM.  
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CHAPTER 1 

INTRODUCTION 

This chapter presented rationale and problem statement, objectives of this 

study, contribution of study, scope of research, definition of terms, research questions 

and assumption of the study. 

1.1  Rationale and Problem Statement 

1.1.1 Background of the study 

Health is a very important aspect of one’s life, for centuries research have 

been done on health, how to improve it, various drugs, medicines, equipment and so 

on to better the quality of life associated with health. A lot of articles have been 

published through the British Food Journal, International J Health Care QA, Nutrition 

and Food Science and countless other publications just in the topic of health. So 

health itself a very important topic to research upon, and anything associated with 

improving or better managing your health. Thanks to advance in various forms of 

technologies, it has enabled people to constantly track numerous psychological 

conditions through wearable healthcare devices (Lee & Lee, 2018). A wearable 

healthcare device can be explained as a device that is autonomous and noninvasive 

and is worn by an individual and is capable of executing specific medical functions 

such as monitoring or support over a long period of time (Fotiadis, Glaros & Likas, 

2006).  

According to Lee and Lee (2018), there are three types of wearable health 

monitoring devices with the ability to perform specific and various functions in 

“Disease management”, “Disease prediction” and “Activity monitoring”.  As 

highlighted in the topic of this research “Study of factors influencing individuals 
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buying decisions for wearable health monitoring devices”, this research will therefore 

focus mainly on the activity monitoring devices and general consumers’ buying 

intention to own one in Bangkok. Activity monitoring devices is able to record day to 

day movement such as the amount of activity (example: steps count, distance covered, 

calorie count, heart rate tracker and so on). As a result, it can assist individual(s) reach 

goals related to health such as weight loss or regular exercise by tracking the relevant 

activities (Lee and Lee, 2018). There are many commercially available health 

monitoring devices including but not limited to devices made by Fitbit, Garmin, 

Xiaomi, and even Apple’s smart watch among others.   

Authors like Papa, Mital, Pisano and Del Giudice (2020) added “smart” into 

their research topic not only as an extension of internet and communication 

technology but also because of its growing trend. They further explained “smart” as 

the coming together of software, hardware, cloud and sensing technologies so as to be 

able to capture and communicate real time sensor data of the physical world, which 

can be used for advanced analytics and intelligent decision making (Chang, 2017, 

2018; Nam and Pardo, 2011).  So by definition many if not all the wearable devices 

mentioned in this research would be “smart” but as this research focuses on the 

general consumer and not on the technicality of the devices itself, the researcher has 

therefore omitted the word “smart” from its research topic and keep it specifically 

focused on the general consumer and its buying intention. However, through 

references of various articles, it still enables the researcher to talk about the 

background, significance, objectives and various other aspects mentioned in this 

chapter. 
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Papa, et al. (2020) described that lately, studies conducted have put their 

attention on the development of wearable devices (Smart wearable healthcare) and 

health monitoring systems (Chan, Estève, Fourniols, Escriba, & Campo, 2012). The 

ever increasing health care costs combined with improvement in Micro/Nano sensor 

technologies have welcomed the use of SWH devices, and are constantly changing the 

landscape of healthcare by enabling individuals with tools and technologies to 

monitor and manage their health on a continuous basis (Papa et al., 2020). 

By using a wearable health monitoring devices, it can help an individual 

monitor their health remotely which can likely improve the nature of their wellbeing 

administrations and to minimize the impact of the overall expenses in human services 

by distancing from useless hospitalizations and promising that the individuals who 

need crucial attentiveness get it sooner (Papa et al., 2020). Through early diagnosis 

and management, remote health monitoring systems and smart wearable devices 

combined with a cloud based telemedicine platform can help manage in the 

prevention of diseases and accordingly manage treatment and rehabilitation of the 

patients (Papa et al., 2020). According to them, smart wearable healthcare face 

various problems including user acceptance and awareness and the need to address 

specific user needs and its segments (Papa et al., 2020).  

According to one of UN’s (United Nations) development goal for 

sustainability (SDG – Goal 3), for continued development it is crucial to secure health 

and well-being across all ages, and that is only attainable by means of effective and 

constant healthcare monitoring (Papa et al., 2020). In India and other developing 

countries, healthcare monitoring is inadequate compared to other countries in the 
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world, despite being affordable. (Papa et al., 2020). According to a report conducted 

by Grand View Research (2016); the global wearable technology market is expected 

to reach about USD 200 billion by 2022 from just USD 14 billion in 2014. The 

growing rate of busy work schedules, sedentary lifestyle, lifestyle diseases, increased 

usage of remote devices and technological advancements in healthcare monitoring 

appear to be some of the significant factors for this growth. Some of the major 

companies in this (wrist-based) segment include Fitbit (U.S.), Apple, Inc. (U.S.), 

Xiaomi Technology Co., Ltd. (China), Samsung Electronics Co., Ltd. (South Korea) 

and Garmin, Ltd. (U.S.).  

 

1.1.2 Statement of Problem 

A research study conducted by Chau and Hu (2002) regarding telemedicine 

technology where they explained telemedicine in their research referred “to the use of 

IT to support healthcare services and activities via electronic transmission of 

information or expertise among geographically dispersed parties, including physicians 

and patients, in order to improve service effectiveness and resource 

allocation/utilization efficiency”, similar to the wearable healthcare devices where the 

use of IT via electronic transmission of information through devices is used to 

ultimate support an individual’s healthcare. The research findings suggested that 

continuous problems affecting contemporary healthcare, including resource 

distribution, quality, access, and cost containment, have contributed to telemedicine’s 

economic, social, and political appeal (Chau & Hu, 2002) similarly to what the 

researchers believes a part of problem statement for this research, that the technology 

not only exists but is expanding rapidly but many challenges exist, including 
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individuals accepting this technology and making use of it, how the information 

recorded be useful or used by the healthcare industry including healthcare equipment 

business, consultants, physical trainers and so on.  

Wearable healthcare devices can be a suitable answer for minimizing the 

rising medical costs (Lee & Lee, 2018; Roman et al., 2015). In the United States 

alone, the medical costs that can subsidized through wearable monitoring devices can 

be as much as $305 billion (Roman et al, 2015). In order to minimize your healthcare 

expenses, it is crucial for majority of individuals to adopt wearable healthcare devices. 

But regardless of that and other benefits, according to Lee and Lee (2018), the market 

for them is still in the beginning phase. Another study (Barnes, Kauffman, & 

Connolly, 2014) had found that even though many people were interesting in owning 

a wearable healthcare device, only a few of them actually owned it so it is crucial to 

recognize about how to motivate or convince people for them to use these device and 

buy it in the future. Therefore the researcher needs to explore what factors influence 

individuals’ intention to buy a wearable health monitoring device. 

 

 The researcher also needs to study the relationship between the variables, to 

answer how are all the variables related to this study? How do people perceive about 

each variable? How are all the variables related to each other such as how does 

personal attitude to device affect buying intention? The researcher will answer these 

questions in the chapters to follow and also set up a questionnaire through his research 

methodology related to the impact of each variable to answer these questions as 

explained below in the objective of this study. 
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1.2 Objectives of Study 

The objective of this study was to possibly investigate all the factors 

influencing ‘Buying Intention’ for Wearable Health Monitoring Devices in Bangkok. 

The factors identified were personal innovativeness, personal perceived usefulness 

and personal ease of use.  

1.3 Contribution of Study 

This study expanded the information on how personal innovativeness, 

personal perceived usefulness and personal ease of use influences buying intentions 

for wearable health monitoring devices in Bangkok leading to the buying decision. 

Benefit for business 

To provide recommendation and advise to the fitness industries, 

hospitals and healthcare, companies in how they could utilize and implement 

the wearable health monitoring devices in their industry which will lead to 

more individuals adopting and buying this technology which will ultimately 

lead to each industry respectively benefiting from it and overall increasing 

their sales and revenue in the respective industries. 

Benefit for Academic  

To help researchers and individuals who are particularly interested in 

exploring similar related research. To also gain positive understanding about 

various related marketing strategies linked to the study of factors influencing 

individuals’ buying intention for wearable health monitoring devices 
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1.4 Scope of Research 

1.4.1 Scope of variables: 3 major independent variables; personal 

innovativeness, personal perceived usefulness and personal ease of use and 

1 dependent variable; buying intention were used in this research. 

1.4.2 Scope of population/samples: This research focused on the responses from 

a target group of 400 individuals that had wearable health monitoring 

devices or related or intend to own and use one in the near future in 

Bangkok, Thailand 

1.4.3 Scope of applied research methodology: This research primarily focused 

on Quantitative research methodology 

1.4.4 Scope of data analysis and interpretation for hypothesis testing. The final 

data was collected, analyzed and was tested for hypothesis over the course 

of one month, spanning between end of May 2020 to end of June 2020.  

1.5 Definition of terms 

1.5.1 Personal innovativeness is concerned with why consumers adopt 

innovative products and is an important predecessor in determining 

adoption of a new IT device or service (Lee and Lee, 2018) 

1.5.2 Personal perceived usefulness is defined as the degree to which a person 

believes that using a particular system will improve his or her performance 

(Davis, 1989) 

1.5.3 Personal ease of use refers to “the degree to which a person believes that 

using a particular system would be free of effort” (Davis, 1989, p. 320) 
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1.5.4 Buying Intention also known as purchasing intention, is the probability, 

the degree of willingness and inclination of consumers to buy a product or 

service within a certain period of time (Lee and Lee, 2018)  

1.5.5 In this research, wearable health monitoring devices is only concerned 

with devices that improve your health related activities by monitoring 

functions such as calories burned, steps taken, workout programs, heart 

rate tracker and so on which will ultimately improve your workout and 

fitness.  

1.6 Research Questions 

1.6.1 Is there a positive relationship between each of the explorative factors 

personal innovativeness, perceived usefulness, and perceived ease of use?  

1.6.2 Are there any specific factor(s) that might have the highest impact on 

buying intention? 

 

1.7 Assumption of the Study 

In conducting this study the following assumptions were made. It was assumed that: 

1.7.1 The method used will result in accurate reliable responses 

1.7.2 The sample size was enough to accurately conduct this research.  

1.7.3 The participants will fully understand the questions they were asked 

1.7.4 The participants will provide honest expression of their knowledge. 
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CHAPTER 2 

LITERATURE REVIEW 

This chapter reviewed related theories, related literature and previous studies, 

conceptual framework and hypothesis regarding the study of factors influencing 

individuals buying intention for wearable health monitoring devices in Bangkok. 

2.1 Related theories  

 2.1.1 Concept theories of personal innovativeness 

 Personal innovativeness or consumer innovativeness can be defined as “the 

degree to which an individual is relatively earlier in adopting an innovation than other 

members of his system” (Rogers and Shoemaker, 1971). Alternatively, Midgley and 

Dowling (1978) defined consumer innovativeness as “the degree to which an 

individual makes innovation decisions independently of the communicated experience 

of others”. In other words, it is concerned with why consumers adopt innovative 

products and is an important predecessor in determining adoption of a new IT device 

or service (Hirschman, 1980). It also means there a higher chance of consumer with 

high innovativeness adopting an innovation earlier than others with low 

innovativeness and is less vulnerable to risk or unpredictability linked with innovation 

(Lee and Lee, 2018).  More recent researches have studied the acceptance of many 

consumer electronic products (e.g., iPad) from personal innovativeness point of view 

(Chao et al., 2012, 2013; Ho and Wu, 2011). According to Lee and Lee (2018) that as 

wearable healthcare devices are both innovative and introduced recently in the 
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marketplace, it is therefore likely that personal innovativeness can influence an 

individual’s intention to buy one.   

According to researchers there are two main types of personal innovativeness; 

general and field or domain specific innovativeness (Goldsmith and Hofacer, 1991; 

Lassar et al., 2005; Jeong, Kim and Park, 2017). General innovativeness is considered 

as an existing personal characteristic, which does not change from one product or 

innovation to other product or innovation and a part of personal attribute while 

domain specific innovativeness is the probability to study and adopt innovations, for 

instance: new products within that field of interest (Goldsmith and Hofacer, 1991; 

Lassar et al., 2005; Jeong et al., 2017). Domain specific innovativeness inclines to 

facilitate the relationship between general innovativeness and adoption of a particular 

innovation (Midgley and Dowling, 1978). Therefore, a person with a high level of 

innovativeness in a specific field might not have the same level of innovativeness in a 

different field. As an example, if someone has a high level of innovativeness in 

kitchen appliances, does not mean that he or she will have a high level of 

innovativeness in smart phones or some other products. Nevertheless, there are many 

research conducted that have explored the role of consumer innovativeness in 

adopting a new product or technology which found innovative consumers likely to be 

early adopters. As an example, Lu, Yao and Yu (2005) studied how personal 

innovativeness influenced adoption of a wireless internet service (Personal Digital 

Assistants or PDAs) offered via mobile technologies by surveying college students 

and as PDAs were considered as innovation, the researchers tried to find whether a 

student's adoption intention for a wireless internet service on a PDA fluctuates with 

the student's personal innovativeness. Another example includes the researchers 
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Citrin, Sprott, Silverman and Stem, 2000 finding the relationship of consumer 

innovativeness with the Distribution of internet shopping, considering both domain-

specific (i.e., internet-related) innovativeness and general innovativeness. The results 

showed that internet-related innovativeness impacted online shopping, whereas 

general innovativeness wasn’t positively associated with explaining online shopping 

behaviour. 

The researcher thus hypothesizes: 

H10: Personal innovativeness has no impact on individuals’ buying intention of 

wearable health monitoring devices. 

H11: Personal innovativeness significantly impacts individuals’ buying intention of 

wearable health monitoring devices. 

2.1.2 Concept theories of personal perceived usefulness 

Personal perceived usefulness is defined as the degree to which a person 

believes that using a particular system will improve his or her performance (Davis, 

1989). According to Davis (1989), a system high in perceived usefulness will result in 

a positive use-performance relationship. Davis (1989) asked the question in his 

research on Technology Acceptance Model (TAM) that “what causes people to accept 

or reject information technology?” and used two factors specifically; ‘perceived 

usefulness’ and ‘ease of use’ which he deemed important from previous studies 

conducted before. He explained that people will either decide to use or not use an 

application to the extent that they believe will help them enhance their job 

performance which he called it as “perceived usefulness” and even if the potential 
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users deem the given application to be useful, they may still however at the same time 

find it too difficult to use and the advantage of the application may over-exceed the 

effort they have to go through, so in additional to ‘perceived usefulness’, the 

application is also influenced by what the researcher David (1989) called “ease of 

use”. 

 Another study conducted by Chau and Hu (2002) on “Investigating healthcare 

professionals’ decision to accept telemedicine technology: an empirical test of 

competing theories” where they used a theory comparison approach of TAM and 

Theory of Planned Behavior (TPB) to potentially explain individual physicians’ 

technology acceptance decisions. The researchers found that perceived usefulness 

emerged as the most significant factor influencing physicians’ acceptance of 

telemedicine technology which showed that a physician is likely to accept (or use) a 

technology if it helps or is useful to his or her practice. In addition to that, they also 

found perceived usefulness as the main factor of attitude revealing huge influences on 

individual attitude formation.  

Another research by Kwee-Meier et al. (2016) advised that factors depending 

on the context can also affect people’s perceived usefulness of new technologies, for 

instance in their research of using wearable for cruise passengers’ safety, they show 

that a person’s need for safety and neuroticism also affect his/her perceptions and 

subsequently acceptance of these devices. Individuals were more convinced to use a 

new technology if they saw some explanations to it like there are benefits in it and if 

the belief of usefulness was increased (Gong, Xu and Yu, 2004). Other reports have 

also found a positive relationship between perceived usefulness and behavioral 
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intention to adopt a new form of information or communication technology 

(Zaramohzzabieh et al., 2015) and authors Lunney, Cunningham and Eastin (2016) 

also discovered that perceived usefulness impacts wearable fitness technology 

adoption through attitudes. 

Thus the researcher can hypothesize that:  

H20: Personal perceived usefulness has no impact on individual’s buying intention 

of wearable health monitoring devices. 

H21: Personal perceived usefulness significantly impacts individual’s buying 

intention of wearable health monitoring devices. 

2.1.3 Concept theories of personal ease of use  

Personal ease of use refers to “the degree to which a person believes that 

using a particular system would be free of effort” (Davis, 1989, p. 320). According to 

the researchers Anderson and Morgan (2012, p. 119) that “if the platform isn’t easy to 

use and intuitive don’t bother with it”. Other researchers also found that perceived 

ease of use positively impacts intention to use technology (Bhattacherjee & Hikmet, 

2008; Gefen & Straub, 2000; Lepervanche, 2006; Sentosa & Mat, 2012; Teo & 

Noyes, 2011). As explained in the previous factor (perceived usefulness) that 

perceived ease of use directly affects perceived usefulness (Chau & Hu, 2002). Apart 

from previous studies suggesting that perceived ease of use is a direct factor of usage 

behavior (Davis, 1989; Lee, Fiore, and Kim, 2006), a more recent study conducted by 

Lunney et al. (2016) also aligned with the previous researches. According to them, 

especially during the development stage, understanding perceived ease of use for 
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practitioners as a critical factor in adoption and use is highly important. Another 

recent study found that the factor simplicity and ease of use is ranked in the top three 

important requirements for wearable technology (Schooler, 2014). According to 

Davis (1989), perceived ease of use also impacts technology adoption and buying 

intention through consumer attitudes along with other studies conducted suggesting a 

positive relationship between perceived ease of use and intention to buy or use a 

product or service (Gong et al., 2004; Moon & Kim, 2001; O'Cass & Fenech, 2003; 

Sanchez- Franco & Roldan, 2005). With this, the researcher can hypothesize that: 

H3: Personal ease of use has no impact on individuals’ buying intention of 

wearable health monitoring devices.  

H3: Personal ease of use significantly impacts individuals’ buying intention 

of wearable health monitoring devices.  

2.1.4 Concept theories of Buying Intention 

Smartphone use continues to grow rapidly and is the greatest and highest 

utilized device across all adult demographic groups (Nielsen, 2016). As smartphone 

technology continues to change, there has therefore been a surge in the use of 

complementary technology and content such as for wearable health monitoring 

devices. One study conducted about wearable fitness technology where the 

researchers conduct structural investigation into acceptance and perceived fitness 

outcomes, is a type of wearable health monitoring devices as explained in the 

previous chapter and which is this research’s main focus.  

In the study conducted about wearable fitness technology by Lunney et al. 

(2016), explained wearable fitness technology (WFT) as devices that monitor your 
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movements and activities such as the amount of steps taken, calories burned, exercise 

intensity and so on through a device that is mostly wrist-based in the form of a 

bracelet. The data is then fetched by the device which is transferred to your 

smartphone application either wireless through Bluetooth or by plugging the device 

into the phone, where goals, progress and activity can be monitored. Similar to the 

third type of wearable monitoring devices as explained in the previous chapter which 

is the main focus of this research. 

Of all the wearable technology products, the fitness trackers have the greatest 

level of awareness among consumers in the United State of America, with 33.3% of 

Americans acknowledging of the category and 28% saying they are likely to buy the 

device in the future (NPD Group, 2014). Little research has focused on the wearable 

monitoring devices including the third type of those devices being wearable fitness 

trackers (Lunney et al., 2016). Shin (2015) investigated physical attributes of smart 

watch adoption. Findings showed that the affective quality and relative advantage 

were related with perceived usefulness, while mobility and availability resulted to 

greater perceived ease of use (Shin, 2015). Both of these factors; perceived usefulness 

and perceived ease of use are part of the independent factors of this research along 

with few other independent factors using the Technology Acceptance Model (TAM) 

and its variation and with different studies conducted before that the researcher 

believes will lead to consumer’s adoption and buying decision of this technology. 

TAM is a widely used analytical model to study people’s acceptance of new 

technologies, including wearable technology (Legris, Ingham & Collerette, 2003). 

According to TAM, if using a new technology is beneficial, meaning the attitude 
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towards use is positive then the individual is expected to form an intention to buy 

(Lunney et al., 2016).  

There are many studies conducted that links different factors which leads to an 

individual’s intention to buy a product or service. For example a study that was 

conducted by Midgley and Dowling (1978) and Jeong et al., (2017) established 

perceived innovativeness having a positive relationship with buying intention. 

Hartman et al. (2004) suggested that consumers that have a higher level of 

innovativeness and knowledge about a product or serviced gathered through past 

experiences help make the buying decision. Furthermore, Piron (1991) found that 

unlike impulsive buying behavior, planned buying behavior is a result of extensive 

research on information, intention to buy which ultimately leads to buying decision. 

 Additionally self-completion theory suggests; an individual who feels the need 

to expand his or her self-definition is most likely to participate in buying behavior 

(Wicklund & Gollwitzer, 1981). Those cases are seen in internet communications, 

marketing and advertising, and consumer behavior. An example would be consumers 

that adopted mobile devices at a very early stage may consider wearable devices as 

representative of wealth and improve their self-esteem (Workman & Caldwell, 2007). 

A different study conducted by Hansen, Jensen and Solgaard (2004) on ‘Predicting 

online grocery buying intention’ found through their survey and analysis that an 

individual’s attitude had a positive impact on buying intention of groceries through 

online suggesting that attitude to something whether it be a device or a platform may 

influence the individual’s intention to buy the product or service he or she was 

interested in. Additionally as discussed previously perceived ease of use, just like 

personal innovativeness and perceived personal usefulness positively impacts 
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intention to use technology (Bhattacherjee & Hikmet, 2008; Gefen & Straub, 2000; 

Lepervanche, 2006; Sentosa & Mat, 2012; Teo & Noyes, 2011).  

2.2 Related Literature and Previous Studies 

In this study, with the help of the researcher’s advisor, the researcher uses 

Technology Acceptance Model (TAM) as the basic model to build the framework for 

this research along with additional inspiration from Diffusion of Innovation (DOI) 

theory. 

Technology Acceptance Model or TAM was introduced in 1989 by Fred D. 

Davis and has since been widely and extensively utilized as a model for various 

studies to explain user acceptance in information technology such as for mobile-based 

technologies and services including smartphones (Joo and Sang 2013; Kim and 

Sundar, 2014), tablet computers (Park & del Pobil, 2013), e-book readers (Jung, 

Chan-Olmsted, Park, & Kim, 2011) and so on. The original TAM describes 2 main 

factors as a key psychological determinant of attitudes and intention to use (Davis 

1989, 1993) which are ‘perceived ease of use’ and ‘perceived usefulness’. He 

believed that when a particular technology or service is perceived to be easy to use, 

consumers have a habit of relying that the technology is useful and form favorable 

attitudes towards it which then positively influences adoption intention to use the 

technology.  

As wearable healthcare devices are considered innovative products (Lee & 

Lee, 2018), therefore in addition to TAM, the researcher also got inspiration from 

DOI theory which was developed by Everett M. Rogers (1962) which indicates that 

the individuals intention to buy or use a service are made during the primary stage of 
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diffusion process, the persuasion stage, where perceived innovation characteristics 

play a crucial role in explaining the intention. Furthermore Rogers (2010) explained 

that the diffusion process starts from the knowledge stage, that is, when adopters are 

exposed to an innovation. Additionally other researchers have also explained how 

vital personal innovativeness is in explaining why consumers adopt innovative 

products (Hirschman, 1980), and are an important predictor of adoption or an 

intention to buy a new IT device or service (Lu et al., 2005; Citrin et al., 2000). 

 As a result, the researcher explores other related articles that used similar 

factors related with their own perspective studies that can be applied to this research 

study. In addition to that, from exploring other related articles and studies conducted, 

the researcher established that structural equation modelling (SEM) was the best 

method for this study which is further explained in the next chapter (3). Consequently 

they are explored below and from it the researcher is able to derived further 

hypotheses for this study.  

2.2.1 Previous Studies 

Abbey Lunney, Nicole R. Cunningham, Mathew S. Eastin (2016) researched 

about wearable fitness technology in their article of “Wearable fitness technology: A 

structural investigation into acceptance and perceived fitness outcomes”. Their study 

attempted to extend the TAM by employing a structural equation model to enhance 

the existing understanding of wearable technology use. Their study was focused on 

relationship among health related outcomes of wearable fitness technology (WFT) use 

to know the outcome of WFT use. The research and questionnaire measured six main 

areas; (1) perceived usefulness, (2) perceived ease of use, (3) perceived subjective 
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norm, (4) attitude towards technology (for WFT), (5) WFT use and finally (6) 

perceived health benefits. 

 The researchers used quantitative methodology using online survey samples of 

230 U.S. participant workers. Respondents were apprised that participation in the 

study was optional and were offered incentive of $0.15 for completing the survey. Out 

of the 230 participants, 206 participants completed the survey resulting in 90% 

response rate. From those, 66% indicated that they use or have used a wearable fitness 

technology (WFT) device. Using SEM technique to validate the results and measuring 

significance of the outcome through probability value (p value < 0.05), the results 

presented; ‘usefulness’ was significantly related to ‘usage’ and ‘attitude’ towards 

WFT; ‘perceived ease of use’ of  WFT device was related to intention to use for 

WFT, but not significant towards attitude; and subjective norms was related to WFT 

use. To summarize, the results concluded that WFT devices that are perceived as both 

usefulness and easy to use have the highest chance of being used by individuals, and 

consecutively, higher chances of succeeding in the rapidly growing market for 

wearable fitness devices and an increase in WFT use will also result in an increase in 

perceived health benefits.  

 

John W. Cheng and Hitoshi Mitomo (2017) in their published article of “The 

underlying factors of the perceived usefulness of using smart wearable devices for 

disaster application” examined the factors the affect general consumers to adopt such 

technology for such situations. The reason being that according to them, smart 

wearable devices offer much potential to assist people in disasters such as to find out 

the location and wellness of family members in the wake of disaster however to the 
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general public, using these devices for disaster application was still a new concept and 

that in disasters; most people are reluctant to rely on unfamiliar technologies. Thus 

their research was based on understanding the factors that affect the general public 

acceptance in order for the smart wearable devices to be truly useful. As this study is 

also focused on smart wearable devices but specifically on health monitoring devices, 

it helps the researcher understand what factors might help explain consumers desire to 

adopt and purchase the device. 

 The researchers used quantitative approach with structural equation modeling 

as this method can accurately model the relationships between multiple independent 

and dependent variables that are correlated with each other (Tabachnick & Fidell, 

2013) to analyse survey data collected from 647 online respondents in Japan. The 

reason they chose Japan was in addition to being one of the most natural disaster 

prone countries in the world; they are also the world’s leader in consumer electronics, 

so they believed the Japanese will have more knowledge about smart wearable 

devices and its usefulness in disasters.  They established if respondent’s current 

usages of wearable devices are deemed useful then perceived usefulness was a strong 

predictor of their perceived usefulness of using these devices for disaster applications. 

Additionally they found that non direct factors such as the ownership of ICT gadgets 

and the usage of social media also had some influences, however it did not compare to 

perceived usefulness of the current applications. In other words, through 

understanding the functions of the current applications of smart wearable devices, 

people can envision the usefulness of these devices in disaster situations. However, in 

addition to that, they found that some people, especially the tech savvy ones who are 
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more likely to appreciate the usefulness of smart wearable devices, still had some 

concerns on the privacy issues of these devices.  

In the published article of “Investigating healthcare professionals’ decisions to 

accept telemedicine technology: an empirical test of competing theories”, author 

Patrick Y.K. Chau and Paul Jen-Hwa Hu (2002) went out to examine the physicians’ 

acceptance of telemedicine technology. Using a theory comparison approach, they 

estimated the extent to which prevailing intention-based models, including the TAM, 

TPB and an integrated model that could describe individual physicians’ technology 

acceptance decisions. Using Structural Equation Modeling (SEM) approach, and 

evaluating on responses from more than 400 physicians, theoretical models were first 

evaluated in terms of overall fit, explanatory power, and their causal links and then 

used to explain the statistical significance of hypothesized relationships. Through the 

usage of SEM, it permitted the researchers to also study additional paths between the 

variables. Overall, their findings suggested that TAM (which main focus consists of 

perceived usefulness and perceived ease of use) may be more appropriate than TPB 

for examining technology acceptance by individual professionals and that the 

integrated model, although more fully depicting physicians’ technology acceptance, 

may not provide significant additional explanatory power. Additionally they found 

that, instruments developed and repeatedly tested in prior studies involving 

conventional end-users and business managers may not be valid in professional 

settings. Furthermore several interesting implications were also discussed. The 

researchers found that perceived usefulness appeared to be the most significant factor 

affecting physicians’ acceptance of telemedicine technology. As a result, the 

researchers concluded that firstly the physicians tended to be pragmatic in their 
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technology acceptance decisions, appearing to focus on usefulness in technology 

assessment. In other words, a physician is likely to accept (or use) a technology if it 

helps or is useful to his or her practice. In addition to that, these professionals seem to 

be relatively independent in making technology acceptance decision such as not 

putting much value in the suggestions or opinion of others. Lastly their resulted 

indicated that perceived usefulness was a critical determinant of attitude, revealing 

huge influences on individual attitude formation. 

Armando Papa, Monika Mital, Paola Pisano and Manlio Del Giudice (2020) in 

the journal “Technological Forecasting & Social Change” published an article on “E-

health and wellbeing monitoring using smart healthcare devices: An empirical 

investigation”. Their objective was to explore the attitude towards adoption of smart 

wearable healthcare (SWH) devices in India as the healthcare monitoring devices are 

expected to be technologically innovative and providing advanced as well as basic 

health care monitoring features and are available in numerous price ranges based on 

the features. According to them, India has traditionally been having a very lazy and 

easy going attitude towards healthcare monitoring and so what would be the factors 

influencing the adoption of SWH devices. They suggested that remote health 

monitoring can enhance the nature of wellbeing administration and can lessen the ever 

growing expense in human services by keeping a strategic distance from useless 

hospitalizations and promising that the individuals who need serious consideration get 

it sooner.  

 Their paper explored intrusiveness (INTR), Comfort (C), perceived usefulness 

(PU) and perceived ease of use (EOU) of SWH devices, and hypothesized the Impact 

of PU and EOU, INTR and C on attitude and intention to use towards adoption of 
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SWH devices. Using a quantitative methodology with Structural equation modeling 

(SEM), they applied to explore the relationships between the concepts and 

hypothesis. As their sample size was small, they specifically used ‘Partial Least 

Square Structured Equation Modeling’ (PLS – SEM), though it calls for biased 

parameters for the variables. The total data collected was from 273 respondents. The 

age group of the respondents were between 25 and 40 years. The results showed that 

intrusiveness and comfort do not have a significant impact on Intention to use BI 

(Behavior Intention) while Intrusiveness did had a significant impact on PU of SWH 

devices and Comfort has a strong significant impact on PU and EOU of smart 

wearables’ hence PU has a significant impact on intention to buy smart wearable 

healthcare (SWH) devices. Furthermore they added that the research can have lasting 

implications on elderly health and well-being. They concluded that there are very few 

empirical studies in the area of SWH devices and that most of the studies till now are 

conceptual studies or providing technology architectures and frameworks and 

therefore their research in this area was still at a very promising stage and very few 

studies have been conducted to explore the use and adoption of wearable health 

devices.  

In the journal article of “Examining individuals’ adoption of healthcare 

wearable devices: An empirical study from privacy calculus perspective by He Li, 

Jing Wu, Yiwen Gao and Yao shi (2016) went out to explore the predictors of 

individual’s adoption of healthcare wearable devices. The study based its model on 

the privacy calculus theory to investigate how individuals adopt healthcare wearable 

devices.  

The proposed conceptual model was tested using quantitative research method from 
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survey which covered 333 actual users of healthcare wearable devices. Structural 

equation modeling (SEM) method was used to estimate the significance of the path 

coefficients. The researchers revealed the following: (1) individuals’ decisions to 

adopt healthcare wearable devices are determined by their risk–benefit analyses; if an 

individual’s perceived benefit is higher than perceived privacy risk, he or she is more 

likely to adopt the device. Otherwise, the device would not be adopted; (2) 

individuals’ perceived privacy risk is made up by health information sensitivity, 

personal innovativeness, legislative protection, and perceived prestige; and (3) 

individuals ‘perceived benefit is formed by perceived informativeness and functional 

congruence. The researchers found that both health information sensitivity and 

personal innovativeness have significant effect on individuals’ perceived privacy risk 

and for individuals’ perceived benefit; both perceived informativeness and functional 

congruence significantly affect adoption of healthcare wearable devices. The 

product’s functional image includes utilitarian benefits (Sirgy and Su, 2000) or how 

useful it can be for example to an individual and perceived informativeness can 

include how useful the information about a particular system is to the individual (Li., 

et al, 2016) which can be linked to perceived personal usefulness in this study. 

However the authors failed to study and explain if and whether the factors that 

resulted in significant effect in their variables (Perceived Privacy Risk and Perceived 

Benefit) which lead to ‘Adoption Intention’, had a correlation or positive or negative 

effect or relationship between them that caused or proved or caused to be significant 

factor(s), such as whether personal innovativeness correlated with functional 

congruence that caused a higher significant effect on “Adoption Intention” or whether 

they were separate and didn’t affect the dependent factor; adoption intention as their 
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study concluded that personal informativeness did positively affected perceived 

benefit but not perceived privacy risk which they even hypothesized .  

 From this study conducted, the researcher can understand the limitation and 

explore additional hypothesize to prove if the relationship exists between the two 

variables that can affect or impact this study’s dependent factor, thus the researcher 

hypothesize: 

 H40: There is no correlation and significant relationship between personal 

innovativeness and personal perceived usefulness that may impact buying intention 

of wearable health monitoring devices. 

H41: There exists a correlation and significant relationship between personal 

innovativeness and personal perceived usefulness that may impact buying intention 

of wearable health monitoring devices. 

 Individuals with higher level of innovativeness in information technology (IT) 

are more in theory adaptable than others in using new technology. They incline to 

adopt the new technology faster compared to someone with low innovativeness as 

highlighted before as they deem the difficulty of using new technology quite simple 

compared to others (Karahanna, Straub, Chervany, 1998). Perceived ease of use is 

believed to be the main technical feature in instigating the use of new technology for 

new user as highlighted above in TAM (Davis, 1989). There are many studies that 

explored the direct relationship between personal innovativeness in IT and perceived 

ease of use in various IT settings (Lewis, Agarwal and Sambamurthy, 2003; 

Walczuch, Lemmink and Streukens, 2007; Mun, Jackson, Park & Probst, 2006). A 

previous study showed that personal innovativeness is a major predecessor of 
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perceived ease of use for knowledge of workers in their use of IT (Lewis et al., 2003). 

Continuing these results, Mun et al. (2006) hypothesized the direct relationship of 

personal innovativeness in IT on perceived ease of use while testing the acceptance of 

PDA by healthcare professionals. Furthermore, additional researches have indicated 

that higher personal innovativeness leads to higher perceived ease of use for financial 

service software (Walczuch et al., 2007) while Lewis et al. (2003) proposed an 

indirect relationship between personal innovativeness in IT and perceived ease of use 

with a moderating role of computer self-efficiency for using Window or Lotus 

software.  

Based on the above arguments, the researcher assumes that there could be a 

linkage between personal innovativeness and perceived ease of use for wearable 

health monitoring devices thus the researcher hypothesis the following null and 

alternate hypothesis: 

H50: There is no correlation and significant relationship between personal 

innovativeness and personal ease of use for wearable health monitoring devices 

H51: There exists a correlation and significant relationship between personal 

innovativeness and personal ease of use for wearable health monitoring devices 

 As highlighted earlier in the beginning of this chapter, that this research uses 

TAM developed by Davis (1989) as its basic model for the conceptual framework of 

this study. Davis (1989) believed that among the many variables that may influence 

system use, there are two factors that are especially important; perceived usefulness 

and perceived ease of use. His findings indicated that both perceived usefulness and 

perceived ease of use play a significant role in usage of a particular system. In 
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addition to that, his study also revealed that perceived usefulness has a higher 

significance and impact compared to perceived ease of use to the usage intention of a 

system; however there exists a relationship between perceived usefulness and 

perceived ease of use that affects usage intention. As an instance, users are willing to 

cope with some difficulty in a particular system, as far as using a particular system is 

useful to the individual, however difficulty in the system may discourage the potential 

individual on adopting that particular system especially if it is not necessary but if a 

particular system is not useful to the individual, then no amount of ease can 

compensate for a system not deemed useful (Davis, 1989). So he believed that there is 

a correlation between perceived usefulness and perceived ease of use where perceived 

ease of use has a direct effect on perceived usefulness which may affect individuals’ 

usage intention to the point that if only perceived ease of use exists, then it will not be 

enough for the potential individual to adopt that particular system, however perceived 

usefulness itself as a factor may still be enough to encourage the potential user to 

adopting that particular system.  

 To further understand this and to apply in this research, the researcher explore 

whether the potential linkage between these two variables or whether it does not, thus 

the researcher hypothesize;  

H60: There is no correlation and/or significant relationship between personal 

perceived usefulness and personal ease of use for wearable health monitoring 

devices  
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H61: There exists a correlation and/or significant relationship between personal 

perceived usefulness and personal ease of use for wearable health monitoring 

devices  

2.3 Variables used in this Research 

Personal Innovativeness (PI) 

Personal Perceived Usefulness (PPU) 

Personal Ease of Use (PE) 

Buying Intention (BI) 
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2.4 Conceptual Framework  

 Based on related literature and previous studies discussed above, the 

researcher developed a conceptual framework to study the factors that could impact 

individuals’ intention to buy wearable health monitoring device(s) 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1: Conceptual framework  

Note: The “circle” shape represents the latent variables and the “square” shape 

represents the observed variables. 
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2.5: Hypothesis 

H10: Personal innovativeness has no impact on individuals’ buying intention of 

wearable health monitoring devices. 

H11: Personal innovativeness significantly impacts individuals’ buying intention 

of wearable health monitoring devices. 

H20: Personal perceived usefulness has no impact on individual’s buying 

intention of wearable health monitoring devices. 

H21: Personal perceived usefulness significantly impacts individual’s buying 

intention of wearable health monitoring devices. 

H3: Personal ease of use has no impact on individuals’ buying intention of 

wearable health monitoring devices.  

H31: Personal ease of use significantly impacts individuals’ buying intention of 

wearable health monitoring devices.  

H40: There is no correlation and significant relationship between personal 

innovativeness and personal perceived usefulness that may impact buying 

intention of wearable health monitoring devices. 

H41: There exists a correlation and significant relationship between personal 

innovativeness and personal perceived usefulness that may impact buying 

intention of wearable health monitoring devices. 

H50: There is no correlation and significant relationship between personal 

innovativeness and personal ease of use for wearable health monitoring devices. 
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H51: There exists a correlation and significant relationship between personal 

innovativeness and personal ease of use for wearable health monitoring devices. 

H60: There is no correlation and/or significant relationship between personal 

perceived usefulness and personal ease of use for wearable health monitoring 

devices. 

 H61: There exists a correlation and/or significant relationship between personal 

perceived usefulness and personal ease of use for wearable health monitoring 

devices. 
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CHAPTER 3 

RESEARCH METHODOLOGY 

 This chapter demonstrated the research design of the study and consisted of 

the major sections as following: 

• Research Strategy 

• Population and Sample Selection 

• Research Instrument 

• Validity and Reliability Assessment 

• Testing Research instrument 

• Data Collection Procedure 

• Preparation and Data Analysis 

• Statistical Method for Data Analysis 

3.1 Research Strategy 

This dissertation was conducted to research factors influencing individuals’ 

buying intention for wearable health monitoring devices in Bangkok. The applied 

methodology was derived from the quantitative approach which included the survey 

method of data collection through questionnaires. After that, the data was analyzed by 

using Structural Equation Modeling (SEM) methodology. 
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3.2 Population and Sample Selection 

Population in this dissertation was selected by physically observing those who 

had a wearable device (or wanted to own one in the foreseeable future) around 

different areas in Bangkok; Wattana District, Yannawa District, Sathon District and 

Bangkok University Rama 4  Campus and some random areas- as these places contain 

a lot of gyms, shopping malls with gyms inside them, and students that wore wearable 

technology as the assumption of normal population for wearables’ that include smart 

watches is poor. The researcher then conducted survey questionnaires only with 

participants prepared to coordinate with the researchers by completing the 

questionnaire (Saunders, Lewis & Thornhill, 2006; Trochim, 2006).  

The sample size for students was calculated based on structural equation 

modeling (SEM) understanding. As there isn’t a solo correct or unanimously 

recognized calculation or method for defining sample size for SEM, researchers and 

students similarly often depend on “rules of thumb” (Bentler & Chou, 1987; Kline, 

1995; Weston & Gore, 2006). For example, some statistics scholars have suggested 

using the ratio of observations to estimated parameters (N:q) as a guide. Bentler and 

Chou (1987) suggested that N:q ratio could be as low as 5:1 or five cases per 

parameter estimate in SEM analysis, if and only if the data are entirely well-behaved 

(i.e., normally distributed, no missing data or outlying cases, etc.). Observing that 

Bentler and Chou (1987) indicated five cases per parameter estimate rather than per 

measured variable. Measured variables normally have at least one path coefficient 

associated with another variable in the analysis, plus a residual term or variance 
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estimate, so it is important to recognize that the Bentler and Chou (1987) 

recommendations links at approximately minimum 15 cases per measured variable. 

15 cases per measured variables multiplied (x) with 17 measured variables = 

255 participants. 

However some scholars have recommended different number for N:q ratio, 

such as Kline (2015) suggested that the N:q ratio should be 20 to 1, or 20 participants 

for each estimated parameter in the model while Schreiber et al. (2006) suggested that 

the N:q ratio can be as low as 10 to 1. Evidently, there are a lot of inconsistency and 

dilemma even in guidelines recommended by SEM scholars but most researchers 

accept that SEM requires “large” sample sizes, what is that associated with? A 

number that gets thrown around a lot is 300 (Comrey & Lee, 2013; Tabachnick & 

Fidell, 2013), but a universal answer like this will probably be not accepted by most 

reviewers. However, Soper’s (2015) a-prior sample size calculator for SEM have been 

widely used and accepted by various scholars and researchers as it is based on the 

work of Cohen (1988) and Westland (2010) to ensure adequate sample size is met as 

more participants equal more statistical power (Weston & Gore, 2006) and research 

conducted before suggest that 80% of all SEM study were based on inadequate 

sample sizes (Westland, 2010). 

Therefore using Soper’s (2015) a-prior sample size calculator for SEM with a 

low anticipated effect level (0.2), a desired statistical power level of 85% , number of 

latent variables at 4, number of observed variables at 17 and probability level at 

minimum 0.05 or 5%, the recommended minimum sample size resulted in 381 

participants. To make up for missing data if any, the number was rounded up to 400 

participants.  
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3.3 Research Instrument 

The thesis research used research tool in the following order: 

3.3.1 Questionnaire was used as a tool to collect data in this study and 

researcher constructed a questionnaire from academic research journals and articles 

related to studied variables including personal innovativeness, personal perceived 

usefulness, personal ease of use and buying intention for wearable health monitoring 

devices and related devices such as fitness trackers, wearable devices, smart watches 

with the approval from the researcher’s advisor, Dr. Sumas. The items could be found 

in the questionnaires located in Appendix A (English version) and Appendix B (Thai 

version). 

3.3.2 Questionnaire was developed based on three independent variables 

compromising of personal innovativeness, personal perceived usefulness, and 

personal ease of use and one dependent variable which was buying intention. The 

questionnaire was divided into four parts: 

Part 1: Population-related questions; this part contained 6 close-ended 

response questions related to general background of respondents such as gender, age, 

status, level of education, nationality, and occupation. 

Part 2: Consumer behavior-oriented questions; this part also consisted of 

close-ended response questions and there were 6 questions in total, which was to 

explore if customers were aware and owned a wearable health monitoring device or 

devices, and general information regarding it such as the Distribution of usage, the 

period of usage, the functions they use the device for and so on). 
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Part 3: consisted of closed-ended questions about “Study of factors influencing 

individuals’ buying intention for wearable health monitoring devices in Bangkok”. 

The objective was to obtain the information and attitude toward questions of each 

variable as below; 

  Personal innovativeness    4 Questions 

 Personal perceived usefulness   4 Questions 

 Personal ease of use     4 Questions 

 Buying Intention     5 Questions 

 Researcher used interval scale by using a five-level Likert Scale to measure 

level of agreement. The five-level Likert scale was ranked below: 

   Strongly Agree   5  points 

   Somewhat Agree   4  points 

   Neutral (agree or disagree)  3  points 

   Somewhat Disagree   2  points 

   Strongly Disagree   1  point 

 

 Part 4: Consisted of an open-ended response question that allowed participants 

to recommend other and additional factors that might positively influence individuals 

for adoption intention and buying decision of wearable health monitoring devices 
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3.4 Validity and Reliability Assessment 

There are two important assessments for research instrument which is validity 

and reliability. Reliability and validity assessment is merely the first step toward 

understanding the complex issues of measurement in theoretical and application of 

research setting (Carmines & Zeller, 1979) 

3.4.1 The testing research instrument examined the validity and reliability of 

each question in the questionnaire in order to ensure that the questionnaire is 

appropriated to support this research by asking for 3 experts to check and verify 

through using an Index of Item Objective Congruence (IOC) method shown below: 

IOC = ∑R
𝑁

 

IOC = The result for Item-Objective Congruence Index. 

Σ𝑅𝑅 = Total evaluated points given from each experts. 

N = Number of qualified experts. 

 

There are three scales of rating for each questions of the questionnaire to be evaluated 

for IOC: 

• +1 means that the question is consistent and comprehensible with the objective 

of the questionnaire 

• 0 means that the question is uncertain or unclear with the objective of the 

questionnaire. 

• -1 means that the question is inconsistent and incomprehensible with the 

objective of the questionnaire 

Any item value with a score lower than 0.5 has to be removed, but the ones with 

higher than or equal 0.5 can be used to conduct study. Thus after receiving feedback 
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from three qualified experts, the researcher can get content validity by computing the 

result as shown below. 

Table 3.1: Table of Content Validity 

No. Expert1 Expert2 Expert3 ∑R IOC Data 

analysis  -1 0 1 -1 0 1 -1 0 1   

PI1          3 1 Acceptable 

PI2          3 1 Acceptable 

PI3          2 0.67 Acceptable 

PI4          3 1 Acceptable 

PPU1          3 1 Acceptable 

PPU2          3 1 Acceptable 

PPU3          3 1 Acceptable 

PPU4          3 1 Acceptable 

PE1          3 1 Acceptable 

PE2          3 1 Acceptable 

PE3          3 1 Acceptable 

PE4          3 1 Acceptable 

BI1          3 1 Acceptable 

BI2          2 0.67 Acceptable 

BI3          3 1 Acceptable 

BI4          3 1 Acceptable 

BI5          2 0.67 Acceptable 
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The index of Item Objective Congruence (IOC) is therefore equal to 

   IOC =48
51

  =   16
17

  =     0.94 

 

As the results of the IOC evaluation from all experts showed that all 

questionnaire item value were over than 0.5, therefore, it meant that all questions were 

acceptable and no questionnaire items were taken out.  

3.4.2 Reliability is the degree to which an assessment tool produces stable and 

consistent results (Colin & Julie, 2005). The questionnaire was collected by 30 

samples of the questionnaire to examine the reliability. The reliability test is 

Cronbach’s alpha coefficient by using Statistical Package for Social Sciences (SPSS) 

statistics analyses.  

3.4.3 Adjusting and concluding questionnaire according to the comments from 

the experts together with the advisor’s guidance. The researcher then used Cronbach’s 

Alpha Coefficient which is used for reliability test to conduct a reliability testing of 

each variable in individual factors from 30 pilot respondents through SPSS program. 

The value of Cronbach's Alpha is determined between 0≤α≤ 1 where higher value 

means higher reliability resulting in higher consistency and reliable study conducted. 

However according to Craig and Moores (2006) the value of Cronbach’s alpha 

coefficient of the questionnaire must be greater than 0.65 for all parts for the 

questionnaire to be considered as reliable and consistent. Table 3.2 shows a summary 

of criteria of Cronbach’s alpha coefficient adapted from Taber (2018). 
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Table 3.2: Criteria of Cronbach’s alpha coefficient 

Cronbach’s alpha coefficient Reliability Level Desirability Level 

0.81 – 1.00 Excellent Robust 

0.65 – 0.80 Relatively High Good 

0.56 – 0.64 Slightly Low Tolerable 

0.41 – 0.55 Unsatisfactory  Bad 

Less than 0.40 Low Unacceptable 

 

3.5 Testing Research Instrument 

The researcher then collected 30 pilots testing of questionnaires and utilized 

by computing the Cronbach’s Alpha Coefficient for each factor to test the reliability 

of questionnaire. The Cronbach’s Alpha Coefficient of personal innovativeness 

equaled to 0.883, personal perceived usefulness equaled to 0.944, personal ease of use 

equaled to 0.895 and buying intention equaled to 0.848. All the results value exceeded 

0.65 which passed the suggested level and had proven to be a reliable study (Craig & 

Moores, 2006). Table 3.3 below shows the summary of the value of Cronbach’s 

Alpha (α) discussed above. 
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Table 3.3: The value of Cronbach’s Alpha (α) reliability analysis for N30 and N400 

 

Item of Factors Number 

of items 

Cronbach’s Alpha (α) 

N30 pilot test 

Cronbach’s Alpha (α) 

N400 

Personal Innovativeness  4 0.883 0.885 

Personal Perceived 

Usefulness 

4 0.944 0.939 

Personal Ease of Use 4 0.895 0.864 

Buying Intention 5 0.848 0.879 

 

3.6 Data Collection Procedure 

 3.6.1 The secondary data was readily available data. Researcher extracted 

data from various sources including text books, academic journals, reports, websites, 

company profiles and relevant published documents that were related to the research 

topic. 

 3.6.2 The primary data was the direct data that was obtained and collected 

from respondents. Researcher used questionnaire as the data collection tool. The steps 

have been described as following: 

  3.6.2.1 Researcher studied numerous amounts of articles, documents, 

publications in order to choose the research topic and to conduct questionnaire items 

(with the help of his advisor). After which SEM analogy was used to calculate the 

sample population. As a result 400 sets of questionnaires were collected from May 

2020 to June 2020.  
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  3.6.2.2 Researcher then corrected and checked the completed 

questionnaire together with the expert’s and advisor’s help before analyzing the data. 

  3.6.2.3 Researcher then inputted raw data from the finished questionnaire 

into statistical computer program (Social Sciences) in order to compute and analyze 

the data. The appropriate descriptive statistics of the sample population are reported in 

Chapter 4. 

3.7 Preparation and Data Analysis 

 The results after respondents completed all questionnaire items was analyzed 

through SPSS statistical program. The steps are as following order: 

3.7.1 Classified the completed and usable questionnaires. 

3.7.2 Coding focused questionnaire. 

3.7.3 Saved coding on the questionnaires in SPSS software by using 

Statistical Significant level of 0.1. 

3.7.4 The primary data obtained from questionnaires has been statistically 

analyzed. 

3.7.4.1 Descriptive Statistic Analysis 

3.7.4.1.1 Question about participants’ population-related and 

general information was evaluated by using Distribution 

and Percentage. 

3.7.4.1.2 Question about customer behavior was analyzed by using 

Distribution and percentage. 

3.7.4.1.3 Measured or observed variable questions, which were the 

Likert Scale questions about personal innovativeness, 

personal perceived usefulness, personal ease of use and 



 
 

43 
 

buying intention was analyzed by using Mean and 

Standard Deviation. 

3.7.4.1.4 A single Open-Ended response question to evaluate if 

individual(s) had further comment and suggestion 

regarding the questionnaire and this research.  

3.7.4.2 Structural Equation Modeling (SEM) was used to analyze the 

data.  

 

3.8 Statistical Method for Data Analysis 

3.8.1 Structural Equation Modeling (SEM) 

Structural Equation Modeling (SEM) uses many types of models to explain 

relationships among observed variables with the same objective of providing a 

quantitative test of conceptual framework hypothesized by a researcher (Schumacker 

& Lomax, 2004). Additionally, numerous theoretical models can be tested in SEM 

that hypothesize how sets of variables define constructs and how these constructs are 

related to each other. As an example, a health care professional might assume that a 

good diet and regular exercise decreases the risk of a heart attack (Schumacker & 

Lomax, 2004).  Just some decades ago, researchers were discouraged from asking or 

answering complex questions such as these because statistical techniques didn’t 

simply permit for testing multivariate models (Weston & Gore, 2006). However that 

has changed through SEM which allows the researchers to test such models.  

The researcher believes, based on theory and empirical research, that the sets 

of variables that define the constructs which are hypothesized to be related in a certain 

way. The goal of SEM analysis is to decide the extent to which the conceptual 
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framework is supported by sample data (Schumacker & Lomax 2004)  which the 

researcher explores to answer in Chapter 4. 

There are two major types of variables; latent variables and observed 

variables. Latent variables are variables that are not directly observable or measured, 

in other words they are indirectly observed or measured such as through surveys, tests 

and so on. On the other hand, observed variables are set of variables that are used to 

explain or deduce the latent variable or construct (Schumacker & Lomax, 2004).  

Regardless of whether variables are latent or observed, they can still be 

classified as independent variables or dependent variables. Independent variables are 

variables that are not influenced by any other variables in the model, whereas 

dependent variables are variables that are influenced by another variable(s) in the 

model (Schumacker & Lomax, 2004). In this research, the independent variables are 

personal innovativeness, perceived personal usefulness, personal ease of use and 

dependent variable; buying intention. Independent and dependent variable make up 

the latent variables in this research. The observed variables in this research are a total 

of 17 items (as shown in Figure 1) which are used to measure the different latent 

variables in this study.  

SEM unlike other models has the ability to estimate and test the relationships 

among constructs (Weston & Gore, 2006). Whereas other general linear models 

whose constructs maybe associated with only one measure and measurement error  

are not even modeled. SEM permits for the use of various measures to represent 

constructs and address the issue of measure-specific error. The difference in this 

permits the researchers to establish the construct validity of factors. 
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 There are two different classes of factor analysis method for SEM; exploratory 

factor analysis (EFA) and confirmatory factory analysis (CFA). In EFA, only the data 

is explored which provides information about the number of factors required to 

associate with the data (Suhr, 2006). The researcher may not have any specific 

expectations regarding the number or the nature of underlying constructs or factors 

and even if the researcher have specific expectations, the researcher doesn’t need to 

announce these expectations as EFA does not necessitates it and the analysis is not 

determined by these expectations (Thompson, 2004). While CFA methods makes it 

mandatory for the researcher to have specific expectations regarding: the number of 

factors, which variables represents the given factors, and whether there is a correlation 

or relationship among the different factors (Thompson, 2004). In CFA, researchers 

can specify the number of factors required in the data and which measured variable is 

related to which latent variable, as this research have established as show in figure 1, 

while in EFA, all measured variables are related to every latent variable (Suhr, 2006). 

To summarized, CFA method for SEM is a multivariate statistical tool that permits 

the researcher to test the hypotheses that a relationship between the observed variables 

and their underlying latent construct(s) exists (Suhr, 2006). For the purpose of this 

study, CFA is used as part of SEM method, and its steps and process are mentioned in 

the next Chapter (4).  

 SEM can be summarized as a powerful quantitative data analytical technique, 

which can be used to estimate and tests the theoretical relationship between/among 

latent variables and/or observed variables and it also combines the regression and 

factor analysis (Tabachnick & Fidell, 1996). SEM is also a path analytical method for 

handling the multiple relationships and assessing the relationships from (EFA) 
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Exploratory Factor Analysis to (CFA) Confirmatory Factor Analysis (Hair, Anderson, 

Tatham, & Black, 1995). The SEM estimate a series of causal relationship and shows 

the estimates of parameter as well as the path links among the variables in the 

conceptual model. SEM can also estimate the multiple regression equations 

simultaneously over specifying the structural model. As a result, this allows the 

researcher to not ignore any measurement errors unlike multiple regressions which 

maybe related with observed variables (Wickramasekera & Oczkowski, 2006). As this 

research also tests paths and relationships between each independent variables and not 

only direct relationship between the independent variables and dependent variable and 

for other reasons mentions above and in Chapter 4, SEM is therefore used as a 

significant tool for testing the proposed conceptual model in Chapter 4. 
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CHAPTER 4 

RESEARCH FINDINGS AND DATA ANALYSIS 

 

The aim of this research was to study the factors influencing individuals’ buying 

intention for wearable health monitoring devices in Bangkok. In this chapter, the 

researcher presents the study’s findings along with the analysis of the findings. 

Research data was collected from 400 respondents through survey questionnaires and 

measured and validated through data analysis program Statistical Package for the 

Social Sciences (SPSS).  

The values of the Cronbach’s Alpha Coefficient of the four factors in this 

study for n400 are repeated as the following as summarized in table 3.3: personal 

innovativeness: 0.885; personal perceived usefulness; 0.939; personal ease of use: 

0.864; buying intention: 0.879. The computed value of Cronbach’s Alpha Coefficient 

of each of these four factors were between 0.879-0.939, therefore as shown in table 

3.2, they did not only pass the suggested level of 0.65 (Craig & Moores, 2006) but 

they also proved to be very high and very good in reliability and desirability level 

respectively (Taber, 2018) 

As all of the studied factors had passed the suggested level and proved to be 

reliable as mentioned earlier; therefore, the data was analyzed, presented, validated 

and measured for hypothesis through SEM using SPSS program. The researcher will 

first discuss SEM and its step followed by its results and hypothesis testing. The 

researcher will then include the summary of questionnaire results; crosstab analysis of 

each component of questionnaire.  
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4.1 Structural Equation Modeling (SEM) and steps involved 

As explained in the previous chapter, SEM consists of Latent variables (also 

known as unobserved variables) which in this research are: personal innovativeness 

(PI), personal perceived usefulness (PPU), personal ease of use (PE) and buying 

intention (BI) and observed variables (also known as measured variables) which in 

this research are 17 items in total. Observed variables allow the researcher to measure 

the Latent variables.  

SEM is intended to assess how well a proposed theoretical model that contains 

observed indicators and hypothetical constructs, explains or fits the collected data 

(Bollen, 1989; Hoyle, 1995). It expresses the linear relationship between Latent 

variables (independent or dependent factors). Kline (2015) referred SEM as a hybrid 

of path analysis as SEM integrates confirmatory factor analysis (CFA) and path 

analysis. According to Diekhoff (1992) path analysis, like multiple regressions, is 

based on correlation analysis and decides to which extent the relationships between 

the different dependent and independent variables are consistent with those estimated 

in the researcher’s path model (Davis, 1985). In CFA, the researcher has a priori or 

theoretical or proposed hypothesis about the latent variables in the model and the 

factors that make up the model (Musil, Jones, & Warner, 1998) like in this research. 

Therefore SEM’s CFA is used for this study, and the steps, its component and 

procedure are mentioned below.  

 According to Weston and Gore (2006), SEM has two main components: the 

measurement model and the structural model. When both of these models are 

combined together, the model can be called a full structural model.  
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 Measurement model: The measurement model shows the correlation between 

latent variables and their indicators (Weston & Gore, 2006). The indicators are the 

factors that will measure the latent variables and if an indicator is not properly 

measured then the construct will be weak (Weston & Gore, 2006).  CFA analysis is 

used in testing the measurement model. The measurement model is shown in Figure 

2. 
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Figure 2: CFA measurement model 

Note: The “circle” shape represents the latent variables and the “square” shape 

represents the observed variables. 

The first step of evaluating a CFA model is through model specification. 

When relationships which are defined by the researcher are hypothesized to exist or 

not among measured and latent variable is when model specification happens (Weston 

& Gore, 2006), ensuring that specifying a relationship is based on previous theoretical 

and/or empirical support (Nusair & Hua, 2010). Parameters (paths) in the model are 

determined to be either fixed or free (Crowley & Fan, 1997; Nusair & Hua, 2010; 

Weston & Gore, 2006), both of which were covered in Chapter 2 and 3 of this 

research.  

 

Structural Model: The structural model shows any correlation between the 

independent and dependent variables together with the direct arcs connecting them, 

and the disturbance error for the variables (Weston & Gore, 2006). The structural 

model represents the combined measurement and path models where the constructs 

and other construct are provided through path coefficients (parameter value) for each 

of the studied hypothesis (Weston & Gore, 2006). The relationships between the 

latent variable reflect the proposed hypotheses. Each hypothesis can be tested for its 

respective statistical significance while including standard errors and calculated t-

values (Bollen, 1989; Hair et al., 1995). From the procedures and rules defined earlier 

for model specification, a complete structural equation model can be constructed as 

illustrated in Figure 3. The model contains four latent variables each measured by 
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their respective measured variables (four each measured values for independent 

variable, and five measured values for one dependent variable).   
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A critical requirement in SEM analysis is that the scale for each latent variable 

in the model and error terms are established (Nunkoo & Ramkissoon, 2012). Since 

latent variables are constructs which cannot be observed, they have no scale of 
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Figure 3: The full structural model/conceptual model 
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measurement. However, it is important to estimate the values of the parameters 

representing associations among latent variables and between measured variables and 

latent variables by assigning them a scale. This can be achieved by fixing the variance 

of each latent variable at 1.0 (Nunkoo & Ramkissoon, 2012). As a result, it allows to 

understand the coefficients associated with the directional effects among latent 

variables as standardised regression weight, and those associated with non-directional 

relationships as correlations (MacCallum, 1995). In Figure 3, those associated with 

non-directional relationships as covariance or relationship are specified by double 

headed arrow, in other words correlation between two variables (such as PP has a 

correlation with PE). Indicator error/predictor error or measurement error which 

explains the error in indicator not accounted by latent variable (Weston & Gore, 2006) 

are specified by the letter “e”. Lastly the parameter or the path that measures the 

hypothesized association between the two variables are associated with “arrow”, 

arrow in all figures (such as PP significantly impacts individuals’ BI of a wearable 

monitoring device reflected in Chapter 2) 

4.2 Evaluating the conceptual model through Model Fit test 

Structural equation models are simplified approximation to reality (McDonald 

& Ho, 2002) and are evaluated using a number of fit indices for CFA. The objective is 

to determine whether the associations among measured and latent variables in the 

researcher’s estimated model (e.g., The full structural model/conceptual model in 

Figure 3) satisfactorily correspond to the observed associations in the data. The fit 

indices measure if it is good fitting or bad fitting of the approximation to the 

distribution from which the sample was drawn. The model fit is decided by the level 
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to which the hypothesised theoretical or conceptual model fits the data. A number of 

fit indices have been developed to evaluate SEM models and it is recommended that 

researchers follow several indices of overall model fit (Hoyle & Panter, 1995). 

Therefore the researcher has used in total of eight fit indices from three types of 

overall fit measures; absolute fit indicies (AFI), incremental fit indices (IFI) and 

parsimonious fit indices (PFI) which are usually utilized and reported. It is also to 

know that the researcher has used AMOS software as different SEM software’s yield 

different type of indices (Byrne, 2010, Schumacker & Lomax, 2004) to determine the 

goodness or badness of conceptual fitting model. The overall measurement findings 

are included in Table. 5.1 but first the three types of fit indices and its respective 

measures are: 

 

4.2.1 Absolute fit indices (AFI) 

goodness-of-fit index (GFI) 

The GFI is a measure of fit between the hypothesized model and the observed 

covariance matrix (Joreskog & Sorbom, 1989). As x2 test is greatly determined by the 

sample size, GFI was developed to compensate for x2 test weakness (Bentler & 

Bonett, 1980; Hu & Bentler, 1995). For instance if the sample size is very large, there 

is a high chance x2 will reject the model, and the larger the sample size, the higher the 

chance of x2 reject the model (Bagozzi & Yi, 1988). Therefore GFI is preferred. GFI 

is measured between 0 to 1 with higher values indicating better model fit. The value 

of GFI tend to increase as the number of parameters increases, and therefore, GFI 

tends to favour more complex models (i.e. models with more parameters to be 

estimated) (MacCallum & Hong, 1997). Values greater than 0.90 for GFI are 
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considered acceptable and good fitting of the model (Byrne, 2012; Marsh & Grayson, 

1995; Schumacker & Lomax, 2004). 

 

 Root Mean Square Error of Approximation (RMSEA) 

RMSEA developed by Steiger (1990) analyses the discrepancy between the 

hypothesized model avoiding issues caused by sample size, with unknown, but 

optimally chosen parameter estimates and the population covariance matrix (Byrne, 

2013). Even though this fit considers the model’s complexity, it will still favour the 

simpler model if two models tested fits the data equally (Weston & Gore, 2006). An 

RMSEA value of less than 0.10 is considered an acceptable fit (Browne & Cudek, 

1993) with values below 0.08 provides a good fitting of the model (MacCallum et al, 

1996). 

 

4.2.2 Increment fit indices (IFI) 

  Incremental fit indicies, also known as relative fit indices (RFI) 

(McDonald & Ho, 2002) compares the target model with a baseline model in order to 

measure the proportionate improvement in fit. A value greater than or equal to 0.90 

for IFI or RFI is considered a good fit (Wijanto, 2008). Normed fit index (NFI), 

Tucker Lewis Index (TLI, also known as non-NFI or NNFI) and comparative fit 

index (CFI) are commonly used IFI to assess model fit (Nunkoo & Ramkissoon, 

2012). NFI, proposed by Bentler and Bonett (1980), is an index of fit between a 

saturated model and a null model. Values of NFI range from 0 to 1, with values closer 

to 1 indicating better fit. Values greater than or equal to .0.90 are normally considered 

to be a good fit (Bentler & Bonnet, 1980; Wijanto, 2008). However NFI tends to be 
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negatively biased and it is affected by the sample size (Bearden, Sharma, & Teel, 

1982), underestimating fit of models which are tested using small samples (Byrne, 

2013; Hu & Bentler, 1995). To fix this, TLI or NNFI is used and takes into 

consideration the sample size and complexity of the model in the comparison of the 

hypothesised model with the independence model. Values of TLI range from 0 to 1, 

but since this fit index is not normed, the value may sometimes fall beyond this range, 

making it difficult for researchers to understand (Byrne, 2013). An acceptable fit of 

the model for this fit index is considered as a value of 0.90 or greater (Bentler, 1992) 

and can be considered as good fit (Wijanto, 2008). CFI created by Bentler (1990) is 

another measure of incremental fit and an updated version of the NFI. While adjusting 

for the issues associated with sample size, CFI examines the discrepancy between the 

data and the hypothesized model (Bentler, 1990). Unlike the GFI, the CFI does not 

punish for the simplicity of a model. The CFI confirms that deductions about the fit of 

a model are not biased in favour of more saturated models (Nunkoo & Ramkissoon, 

2012). Values of CFI range from 0 to 1 and value greater than or equal to 0.90 

indicate a good fit of the model to the data (Hu & Bentler, 1995). 

 

4.2.3 Parsimonious fit indices (PFI) 

Another class of fit indices is the PFI which are used to determine whether 

model fit has been achieved by ‘over fitting’ the data with too many coefficients. 

When a model is nearly saturated and is too complex, estimation process is dependent 

on the sample data. As a result, it creates a weak conceptual framework which 

produces better fit indices (Crowley & Fan, 1997). Two types of fit indices fall under 

this category: PNFI (Parsimonious NFI) and the PGFI (Parsimonious GFI). PNFI 
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amends for the number of free parameters in the model and decides for the fact that 

better fit can be explained by other indices by freeing more parameters in the model 

(Mulaik et al., 1989). Higher PNFI values indicate better fit. As this research talks 

about the various correlation of the hypothesized model, PGFI is only used for PFI 

index as it takes into account the complexity (i.e. the number of parameters) of the 

hypothesised model in the assessment of overall fit. The value of PGFI is normally 

lower than that of normed fit indices (Mulaik et al., 1989). Typically, values greater 

than .0.50 for PGFI are considered as indicating a good model fit (Byrne, 2013; 

Mulaik et al., 1989). 

Table 4.1 below shows a summary of data results and different types of fit indices and 

whether they are an acceptable fit or not 

Table 4.1: Model Fit Results 

Model Fit Measures 

Fit indices GFI RMSEA RFI IFI NFI TLI CFI PGFI 

Fit Value 0.90 0.79 0.91 0.95 0.93 0.94 0.95 0.62 

Fit Criteria 

for Good Fit 

≥0.90 ≤0.80  ≥0.90 ≥0.90 ≥0.90 ≥0.90 ≥0.90 ≥0.50 

Interpretation Good 

fit 

Good  

fit 

Good 

fit 

Good 

fit 

Good 

fit 

Good 

fit 

Good 

fit 

Good 

fit 
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Table 4.1: Model Fit Results in Portrait View (Continued) 

Model Fit Measures 

Fit indices Fit Value Fit Criteria Interpretation 

GFI 0.90 ≥0.90 Good fit 

RMSEA 0.80 ≤ 0.80 Good fit 

RFI 0.91 ≥0.90 Good fit 

IFI 0.95 ≥0.90 Good fit 

NFI 0.93 ≥0.90 Good fit 

TLI 0.94 ≥0.90 Good fit 

CFI 0.95 ≥0.90 Good fit 

PGFI 0.62 ≥0.50 Good fit 

 

According to table 4.1, all fit indices; RMSEA, GFI, RFI, IFI, NFI, TLI, CFI, PGFI 

are all good fit of the model. Therefore the researcher can conclude that overall the 

initial model is a good fit of the model and does not require modification which 

maybe the best for research as well as modification is a controversial topic and has 

been linked to debate about post hoc comparisons in ANOVA (Hoyle, 1995). Readers 

interested in specific aspects of the dispute should refer to Bollen and Long’s (1993) 

edited volume, which is focused entirely to the debate, as well as to discussions by 

Hoyle and Panter (1995), MacCallum and Austin (2000), and McDonald and Ho 

(2002). Initial model is therefore used as the final model which is shown below in 

figure 3. 
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Note: PP stands for Personal Perceived Usefulness 

Figure 4: Final full structural model/conceptual model 
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4.3 Hypotheses testing from the final model 

Table 4.2 shows outcome of hypotheses; all the hypotheses, result from SEM and its 

significance summarized from table 4.3 which shows a summary of full regression 

weights achieved through SEM and table 4.4 which shows covariances; the 

relationship between the different variables 

Table 4.2: Outcome of hypotheses: 

 

Hypotheses 

 

Path 

SEM result final model  

Result Estimate S.E. C.R. P 

H1 Personal innovativeness 
significantly impacts individuals’ 
buying intention of wearable 
health monitoring devices 

PI      BI   .168 .0.51 3.31 *** Significant 

H2 Personal perceived usefulness 
significantly impacts individual’s 
buying intention of wearable health 
monitoring devices. 

PP      BI .522 .062 8.34 *** Significant 

H3 Personal ease of use significantly 
impacts individuals’ buying 
intention of wearable health 
monitoring devices. 

PE      BI .302 .068 4.43 *** Significant 

H40/1 There is/isn’t a correlation and 
significant relationship between 
personal innovativeness and personal 
perceived usefulness that may 
impact buying intention of wearable 
health monitoring devices.  

PI        PP .766 .070 10.96 *** Significant 

H50/1 There is/isn’t a correlation and 
significant relationship between 
personal innovativeness and personal 
ease of use for wearable health 
monitoring devices. 

PI       PE .471 .050 9.34 *** Significant 

H60/1 There is/isn’t a correlation 
and/or significant relationship 
between personal perceived 
usefulness and personal ease of use 
for wearable health monitoring 
devices. 

PP       PE .526 .052 10.20 *** Significant 
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Note: S.E. stands for Standard Error / C.R. stands for Critical Ratio (estimate divided 

by the standard error/ P stands for the probability value associated with the null 

hypothesis that the test is zero in other words ‘***’ marks the p value < 0.01 (p 

value < 0.05 already indicates statistically significant).   

Table 4.3: Regression Weights  

   Estimate S.E. C.R. P Label 

BI <--- PI .168 .051 3.307 *** 
 

BI <--- PP .522 .062 8.365 *** 
 

BI <--- PE .302 .068 4.427 *** 
 

PI1 <--- PI 1.000 
    

PI2 <--- PI .948 .043 21.865 *** 
 

PI3 <--- PI .898 .060 14.943 *** 
 

PI4 <--- PI 1.048 .060 17.405 *** 
 

PP1 <--- PP 1.000 
    

PP2 <--- PP .927 .036 25.723 *** 
 

PP3 <--- PP .916 .033 27.530 *** 
 

PP4 <--- PP 1.026 .038 26.698 *** 
 

PE1 <--- PE 1.000 
    

PE2 <--- PE 1.045 .067 15.628 *** 
 

PE3 <--- PE 1.085 .072 15.054 *** 
 

PE4 <--- PE .925 .060 15.455 *** 
 

BI1 <--- BI 1.000 
    

BI2 <--- BI .401 .052 7.762 *** 
 

BI3 <--- BI .823 .042 19.717 *** 
 

BI4 <--- BI 1.117 .043 26.106 *** 
 

BI5 <--- BI 1.034 .041 24.947 *** 
 

 

Note: *** represents P value < 0.01 
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Table 4.4: Covariances 

   
Estimate S.E. C.R. P Label 

PI <--> PE .471 .050 9.338 *** 
 

PI <--> PP .766 .070 10.958 *** 
 

PP <--> PE .526 .052 10.195 *** 
 

e1 <--> e2 .117 .037 3.134 *** 
 

e1 <--> e4 -.155 .027 -5.860 *** 
 

e4 <--> e8 .100 .019 5.145 *** 
 

e9 <--> e12 .096 .028 3.463 *** 
 

e9 <--> e11 -.088 .020 -4.510 *** 
 

e5 <--> e11 -.072 .016 -4.397 *** 
 

e31 <--> e32 .122 .029 4.283 *** 
 

Note: as mentioned above three asterisk “***” represents P value less than 0.01.  

4.4 Crosstab analysis 

 4.4.1 Demographic data 

Data were presented in frequencies and percentage of gender, age, status, level 

of education, monthly income, and professional status. 

 

Table 4.5: Review of Distribution and percentage of Gender 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Male 200 50.00 50.00 50.00 

Female 200 50.00 50.00 100.0 

Total 400 100 100.00  
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From Table 4.5, data presented from 400 respondents were divided to male at 200 

respondents or 50.00% of population sample and females 200 respondents or 50.00% 

of population sample. The results showed that, male and female were questioned 

equally.  

 

Table 4.6: Review of Distribution and percentage of Age 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Age 

18-23 years 

old 

85 21.25 

 

21.25 21.25 

24–29 years 

old 

120 30.00 30.00 51.25 

30-39 years 

old  

144 36.00 36.00 87.25 

40-49 years 

old 

43 10.75 10.75 98 

Equal and 

over 50 

years old 

8 2.00 2.00 100.00 

Total 400 100.00 100.00  

 

From the above 400 respondents, it can be seen that the majority of individuals (144) 

questioned were between 30-39 years old amounting to 36% of population sample, 
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followed by 24-29 years old amounting to 30% of population sample. The least 

amount of respondents were aged equal and over 50 years old amounting to only 8 

individuals or 2% of population size. From that, it can be applied that oldest aged 

group were less interested in wearable health monitoring devices, and individuals 

aged 30-39 years old were most interested in wearable health monitoring devices.   

 

Table 4.7: Review of Distribution and percentage of Status 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

Status 

Single 266 66.5 66.5 66.5 

Married 128 32.0 32.0 98.5 

Divorced/ 

Widowed/ 

Separated 

6 

 

1.5 

 

1.5 100.00 

Total 400 100.00 100.00  

 

From the above data, it can be seen that the “Single” group amounted to the most 

individuals surveyed at 266 individuals or 66.5%, while 

“Divorced/Widowed/Separated” amounted to only 6 users or 1.5% and, and 128 

individuals or 32% were in “Married” group of the total population size. 
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Table 4.8: Review of Distribution and percentage of Level of Education 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

Education 

Under Bachelor 

Degree 

44 11.00 11.00 11.00 

Bachelor Degree 191 47.75 47.75 58.75 

Master Degree  160 40.00 40.00 98.75 

Doctorate Degree  5 1.25 1.25 100.00 

Others, Please 

Specify 

0 0 0 100.00 

Total 400 100.00 100.00  

 

From Table 4.8, the researcher can summarized that out of 400 individuals: 44 were 

from “Under Bachelor Degree”, while majority (191) accounted from “Bachelor 

Degree” followed by “Master Degree” by 160 individuals or 40% of population size 

and only 5 individuals had “Doctorate Degree”. 
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Table 4.9: Review of Distribution and percentage of Monthly income 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Monthly 

Income 

Less than and equal 

to 15,000 baht 

83 20.75 20.75 20.75 

15,001–30,000 baht 95 23.75 23.75 44.50 

30,001–50,000 baht 74 18.50 18.50 63.00 

50,001-100,000 

baht 

102 25.50 25.50 88.50 

100,001–150,000 

baht  

19 4.75 4.75 93.25 

More than 150,000 

baht 

27 6.75 6.75 100.00 

Total 400 100.00 100.00  

 

For monthly income table (4.9), the amount that accounted for highest income level 

was between “50,001 – 100,000 baht” from 102 individuals (25.50%), closely 

followed by “15,001 – 30,000 baht” income group (95 individuals or 23.75%). 

Individuals with “100,001 – 150,000 baht” income group amounted to the least with 

only 19 people or 4.75% . 
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Table 4.10: Review of Distribution and percentage of Professional Status 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Professional 

Status 

State enterprise 

employee 

31 

 

7.75 

 

7.75 

 

7.75 

 

Private employee 164 41.00 41 48.75 

Self-Employed 73 18.25 18.25 67.00 

Searching for a job 14 3.5 3.5 70.50 

Housewives  15 3.75 3.75 74.25 

Retired 2 0.5 0.5 74.75 

Students 97 24.25 24.25 99.00 

Others, Please 

Specify 

4 1.00 1.00 100.0 

Total 400 100.0 100.0  

 

To summarize from table 4.10, it can be seen that “Private employee” amounted to the 

most individuals with 164 people or 41% being in that professional status group, 

followed by “Students” with 97 people or 24.75%, and then “Self-employed” 

accounting for 73 individuals or 18.25%. The individuals that accounted for the 

lowest professional status group were “Retired” individuals with only 2 people being 

retired from total of 400 respondents.   
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4.4.2 Consumer behaviour oriented questions 

Data were presented in frequencies and percentage of brand, workout or exercise, 

preferred function(s), budget, duration and owning the device. 

 

Table 4.11: Review of Distribution and percentage of brand(s) 

Measures Distribution Percent 

Valid  

 

 

 

 

Brands 

Garmin 96 24.00 

Fitbit 50 12.50 

Apple 215 53.75 

Samsung 93 23.25 

Polar  6 1.5 

Motiv 0 0 

Amazfit 9 2.25 

Xiaomi 36 9.00 

Huawei 25 6.50 

Others, Please 

Specify 

- - 

 

As individuals can own more than one brand of wearable device, they are further 

classified below in to whether; an individual “preferred” or may own a particular 

brand or not prefer a particular brand as “not preferred”.  
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Table 4.12: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Garmin” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 94 24.00 24.00 24.00 

Not Preferred 306 76.00 76.00 100.00 

Total 400 100.00 100.00  

 

Even though 94 individuals preferred or may owned the brand “Garmin” amounting 

to 24% of population sample, majority of individuals (306) did not prefer or owned 

the brand “Garmin” amounting to 76% of population sample. The reason could be 

because of lack of brand awareness or popularity in Bangkok, Thailand.  

 

Table 4.13: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Fitbit” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 50 12.50 12.50 12.50 

Not Preferred 350 87.50 87.50 100.00 

Total 400 100.00 100.00  
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350 individuals or 87.50% did not prefer the brand “Fitbit” compared to 50 

individuals or only 12.50% preferring the brand “Fitbit 

 

Table 4.14: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Apple” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 215 53.75 53.75 53.75 

Not Preferred 185 46.25 46.25 100.00 

Total 400 100.00 100.00  

 

Majority of individuals, amounting to 215 or 53.75% “Preferred” the brand “Apple”, 

compared to 185 individuals or 46.25% who did not prefer the brand “Apple”. Apple 

is a popular brand worldwide, and even though functions and features of Apple’s 

smartwatch are more focused on “smart” aspects, they still have outstanding features 

related to “activity monitoring” that may help explain why the majority preferred or 

wanted to own one or owned Apple’s smartwatch.  
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Table 4.15: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Samsung” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 93 23.25 23.25 23.25 

Not Preferred 307 76.75 76.75 100.00 

Total 400 100.00 100.00  

 

Out of the 400 individuals, only 93 preferred or 23.25% “Preferred” the brand 

“Samsung” while 307 individuals or 76.75% “Not Preferred” the brand Samsung. As 

smart watch goes, Samsung’s smartwatch is also a popular device for its android 

market, however there are many popular brands of wearable devices with smart 

functions and a greater focus on activity monitoring aspects that are compatible with 

android market which might help explain the reason why majority did not prefer the 

brand “Samsung” 
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Table 4.16: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Polar” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 6 1.50 1.50 1.50 

Not Preferred 394 98.50 98.50 100.00 

Total 400 100.00 100.00  

 

Unsurprisingly, only 6 individuals (1.50%) “Preferred” the brand “Polar” while “Not 

Preferred” accounted to 98.50% or 394 individuals from a total of 400 individuals. 

The reason for that might be, majority of respondents questions in Bangkok, Thailand 

had never even heard of the brand “Polar”, even though “Polar” is a popular brand in 

Europe and United States, which shows a lack of brand awareness of the brand 

“Polar” in Bangkok, Thailand.  

 

Table 4.17: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Motiv” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 0 0 0 0 

Not Preferred 400 100.00 100.00 100.00 

Total 400 100.00 100.00  
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For the brand “Motiv”, 400 out of 400 of all the individuals interviewed did not prefer 

the brand “Motiv”. In other words, 0% of the population sample size preferred the 

brand “Motiv”. The reason might be because of few things, including, Motiv is 

actually a ring that you can wear it on your finger, and the data analysed and recorded 

is displayed on your compatible smartphone so it does not fall under wrist based 

wearable healthcare devices. It is also relatively a new brand, developed in 2017, and 

it focuses a niche market, which might help explain why the individuals, did not 

prefer or had even heard of the brand “Motiv”.  

 

Table 4.18: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Amazfit” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 9 2.25 2.25 2.25 

Not Preferred 391 97.75 97.75 100.00 

Total 400 100.00 100.00  

 

391 individuals or 97.75% did not prefer the brand “Amazfit” compared to 9 

individuals or only 2.25% preferring the brand “Fitbit.  
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Table 4.19: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Xiaomi” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 36 9.00 9.00 9.00 

Not Preferred 364 91.00 91.00 100.00 

Total 400 100.00 100.00  

 

From 400 individuals, 364 individuals or 91% did not prefer the brand “Xiaomi” 

compared to 36 individuals or only 9% preferring the brand “Xiaomi”.  

 

Table 4.20: Review of Distribution and percentage in the respondent’s behaviour to 

preferring the brand “Huaweii” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred 25 6.50 6.50 6.50 

Not Preferred 375 93.50 93.50 100.00 

Total 400 100.00 100.00  

 

For the brand “Huaweii”; 375 individuals or 93.50% “Not Preferred” while 25 

individuals or only 6.50% “Preferred” the brand “Huaweii”.  

 



 
 

75 
 

Table 4.21: Review of Distribution and percentage of workout or exercise 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Workout or 

Exercise 

Daily 38 9.50 9.50 9.50 

Once a week 82 20.50 20.50 30 

Several times per 

week  

77 19.25 19.25 49.25 

Once a month 49 12.25 12.25 61.50 

Several times per 

month 

94 23.50 23.50 85.00 

Once a year 51 12.75 12.75 97.75 

Several times per 

year 

8 2.00 2.00 99.75 

Others, Please 

Specify 

1 0.25 0.25 100.00 

Total 400 100.00 100.00  

 

From the total of 400 individuals questioned about their Distribution of workout or 

exercise per month; 38 individuals or 9.5% said daily, 82 individuals or 20.25% said 

once a week which was the second highest answer, followed by 77 individuals or 

19.25% which was the third highest result. However the majority of individuals or 94 

individuals at 23.50%, exercised only “several times per month”. There was only 1 

individual interviewed that answered in “Others” and specified as “Never” implying 
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that nearly all of the individuals, do workout or exercise, and majority workout or 

exercise at least a few times a month or more.  

 

Table 4.22: Review of Distribution and percentage in the respondent’s behaviour for 

preferred function(s) 

Measures Distribution Percent 

Valid  

 

 

 

 

Functions 

Calories burned 242 60.5 

Heart Rate tracker 285 71.5 

Workout programs 107 26.75 

Sports tracker 55 13.75 

Activities tracker  123 30.75 

Step count 261 65.25 

Sleep tracker  118 29.5 

Weight tracker 68 17 

Smart functions 

such listening to 

music, text 

messages, calls, etc 

205 51.25 

Others, Please 

Specify 

0 0 

 

As individuals can perform more than 1 function with their wearable health 

monitoring devices, they are further classified below in to whether; an individual 
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“preferred/would prefer” to perform more than 1 function and what function(s) if they 

own the device or if they ever owned one or “not preferred/wouldn’t prefer” to 

perform more than 1 function or functions if they own the device or if they ever 

owned one. 

 

Table 4.23: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Calories burned” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

242 60.50 60.50 60.50 

Not 

Preferred/wou

ldn’t prefer 

158 39.50 39.50 100.00 

Total 400 100.00 100.00  

 

242 individuals or 60.50% out of 400 individuals (100%) “Preferred/would prefer” to 

utilize the function “Calories burned” while 158 individuals or 39.50% did not prefer 

or would not prefer to utilize “Calories burned” feature or function in their wearable 

health monitoring devices.  
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Table 4.24: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Heart Rate tracker” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

286 71.50 71.50 71.50 

Not 

Preferred/wou

ldn’t prefer 

114 28.50 28.50 100.00 

Total 400 100.00 100.00  

 

From a total of 400 individuals; 286 individuals or 71.50% “Preferred/would prefer” 

to utilize the function “Heart Rate tracker” while 114 individuals or 28.50% did not 

prefer or would not prefer to utilize “Heart Rate tracker” feature or function in their 

wearable health monitoring devices.  
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Table 4.25: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Workout programs” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

107 26.75 26.75 26.75 

Not 

Preferred/wou

ldn’t prefer 

293 73.25 73.25 100.00 

Total 400 100.00 100.00  

 

From a total of 400 individuals; majority of them (107 users or 26.75% of them 

“Preferred/would prefer” to use the feature “Workout programs” while minority of 

them (293 users or 73.75%) did not prefer or would not prefer to utilize “Workout 

programs” feature or function in their wearable health monitoring devices. The reason 

for that could be because the screen on their wearable health monitoring device(s) is 

small, and they would prefer to use their “smartphone” to record the relevant data 

while using the wearable health monitoring device(s) to monitor other important 

information such as “heart rate tracker” or “calories burned” and so on, as reported to 

the researcher by some of the individuals owning a wearable health device while 

surveying those individuals.   
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Table 4.26: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Sports tracker” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

55 13.75 13.75 13.75 

Not 

Preferred/wou

ldn’t prefer 

345 86.25 86.25 100.00 

Total 400 100.00 100.00  

 

Only 55 individuals or 13.75% “Preferred/would prefer” to utilize the function 

“Sports tracker”while 345 individuals or 86.25%  “Not Preferred/wouldn’t prefer 

from a total of 400 sample size to use “Sports tracker” function in their wearable 

health monitoring devices. The reason for that could be similar of that to “Workout 

programs” as mentioned above.  
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Table 4.27: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Activities tracker” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

123 30.75 30.75 30.75 

Not 

Preferred/wou

ldn’t prefer 

277 69.25 69.25 100.00 

Total 400 100.00 100.00  

 

Out of 400 individuals; 123 individuals or 30.75% “Preferred/would prefer” to utilize 

the function “Activities tracker” while the majority of 277 individuals or 69.25% did 

not prefer or would not prefer to utilize “Activities tracker” function in their wearable 

health monitoring devices.  
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Table 4.28: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Step count” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

261 65.25 65.25 65.25 

Not 

Preferred/wou

ldn’t prefer 

139 34.75 34.75 100.00 

Total 400 100.00 100.00  

 

From above, it can be seen that the majority of 400 individuals amounting to 261 

individuals or 65.25% “Preferred/would prefer” the function “Step count” while the 

minority amounting to 139 individuals or 34.75% did not prefer or would not prefer to 

utilize “Step count” function in their wearable health monitoring devices.  
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Table 4.29: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Sleep tracker” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

118 29.50 29.50 29.50 

Not 

Preferred/wou

ldn’t prefer 

282 70.50 70.50 100.00 

Total 400 100.00 100.00  

 

282 out of 400 total individuals surveyed did not prefer/wouldn’t prefer to make use 

of their “Sleep tracker” function and only 118 individuals (29.50%) preferred/would 

prefer to use “Sleep tracker” function in their wearable health monitoring device(s).  
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Table 4.30: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Weight tracker” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

68 17.00 17.00 17.00 

Not 

Preferred/wou

ldn’t prefer 

332 83.00 83.00 100.00 

Total 400 100.00 100.00  

 

332 out of 400 total individuals or majority of individuals (83%) did not prefer or 

wouldn’t prefer to make use of their “Weight tracker” function and only 68 

individuals (17%) preferred or would prefer to utilize “Weight tracker” function in 

their wearable health monitoring device(s).  
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Table 4.31: Review of Distribution and percentage in the respondent’s behaviour of 

preferred function for “Smart functions such listening to music, text messages, calls, 

etc” 

Measures Distributio

n 

Percent Valid 

Percent 

Cumulative 

Percent 

Valid 

Gender 

Preferred/wou

ld prefer 

205 51.25 51.25 51.25 

Not 

Preferred/wou

ldn’t prefer 

195 48.75 48.75 100.00 

Total 400 100.00 100.00  

 

51.25% or 205 individuals out of 400 individuals were interested in the preferred 

function for “Smart functions such listening to music, text messages, calls, etc.” 

closely followed by 195 individuals or 48.75% not preferring or wouldn’t prefer to 

utilize “Smart functions such listening to music, text messages, calls, etc.” 
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Table 4.32: Review of Distribution and percentage of budget 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Budget 

Less than and equal 

to 1,000 baht 

59 14.75 14.75 14.75 

1,001-2,500 baht 64 16.00 16.00 30.75 

2,501- 4,000 baht 36 9.00 9.00 39.75 

4,001-5,500 baht 25 6.25 6.25 46.00 

5,501-7,000 baht  53 13.25 13.25 59.25 

More than 7,000 

baht 

163 40.75 40.75 100.0 

Total 400 100.0 100.0  

 

The highest budget range accounted for 163 (40.75%) out of 400 individuals who 

were willing to spend “More than 7,000 baht” for their wearable health monitoring 

devices, followed by “1,001 – 2,500 baht” range amounting to 64 individuals 

(16.00%). The amount of budget range that individuals selected the least was between 

4,001 – 5,500 baht which accounted for only 53 individuals or 13.25%. This indicated 

that the majority of individuals did not have an issue spending more money for their 

wearable health monitoring devices.  
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Table 4.33: Review of Distribution and percentage of duration 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

 

 

Duration 

Less than or equal 

to 60 minutes 

86 21.50 21.50 21.50 

1 hour -2 hours 45 11.25 11.25 32.75 

2 hours to 4 hours 36 9.00 9.00 41.75 

4 hours to 6 hours 50 12.50 12.50 54.25 

6 hours to 12 hours   105 26.25 26.25 80.50 

12 hours to 24 

hours 

78 19.50 19.50 100.0 

Total 400 100.0 100.0  

 

For Distribution and percentage of duration, it can be seen from the data above that 

the majority of individuals (105 individuals or 26.25%) answered for “6 hours to 12 

hours”, while 86 individuals only used or wanted to utilize for “Less than or equal to 

60 minutes”. However 78 or 19.50% of individuals even used or wanted to utilize for 

“12 hours to 24 hours”, indicating that up to all day and all night long. The duration 

that had the lowest amount of individuals was between “2 hours to 4 hours” which 

amounted for only 36 individuals (9.00 %) 
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Table 4.34: Review of Distribution and percentage of owning the device 

Measures Distribution Percent Valid 

Percent 

Cumulative 

Percent 

Valid  

 

 

Owning 

the device 

Less than 1 month 56 14.00 14.00 14.00 

1 - 4 months 49 12.25 12.25 26.25 

5 - 8 months 62 15.50 15.50 41.75 

9 - 12 months 83 20.75 20.75 62.50 

1 to 2 years    118 29.50 29.50 92.00 

Others, Please 

Specify 

32 8.00 8.00 100.0 

Total 400 100.0 100.0  

 

For Distribution and percentage of individuals owning the device, it can be seen from 

the data above that the majority of individuals (118 individuals or 29.50%) owned the 

device for “1 to 2 years” already, while 83 individuals (20.75%) owned the device for 

“9-12 months”. 62 (15.50%) out of 400 individuals owned the device for “5-8 

months” and 49 (12.25%) out of 400 individuals owned the device for only “1-4 

months”. For “less than 1 month” group, it included people that just bought a 

wearable health monitoring device(s) or do not own one yet which accounted for 56 

individuals (14.00%) and for “Others, Please Specify”, it included individuals that 

owned the device for longer than 2 years, ranging up to 7 years owning a wearable 

health monitoring device 
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4.4.3 The analysis of the Independent and the Dependent Variables 

All the variables (personal innovativeness, personal perceived usefulness, 

personal ease of use and buying intention) were measured on a five point Likert scale 

ranging from 1 to 5 as the agreeable level.  

The means score of the independent variables interprets level agreement of the 

customers on the independent variables which is used in determining customer 

loyalty. 

     The total means scores can be grouped as follows: 

                                       1.00 – 1.49 indicates “lowest” agreement level 

                                       1.50 – 2.49 indicates “low” agreement level 

                                       2.50 – 3.49 indicates “neutral” agreement level 

                                       3.50 – 4.49 indicates “high” agreement level 

                                       4.50 – 5.00 indicates “highest” agreement level 

 

Table 4.35: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of 

Personal Innovativeness 

Group Type Constructs Mean S.D. I.L 

Personal 

Innovativeness 

If I heard about a new wearable health 

monitoring device, I would like to 

know about it. 

3.56 1.15 High 

agreement 

         (Continued) 
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Table 4.35: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of 

Personal Innovativeness (Continued) 

Group Type Constructs Mean S.D. I.L 

 

 

 

 

Personal 

Innovativeness 

I enjoy exploring new information 

technologies especially for a wearable 

health monitoring device. 

3.55 1.12 High 

agreement 

I generally tend to purchase latest 

wearable health monitoring device. 

2.80 1.22 Neutral 

agreement 

I am generally more curious about the 

functioning and using of a new 

wearable health monitoring device. 

3.54 1.14 High 

agreement 

Total 3.36 1.16 Neutral 

agreement 

 

From Table 4.35, the researcher can make the following deductions: For “If I heard 

about a new wearable health monitoring device, I would like to know about it” had 

the highest mean at 3.56, followed closely by “I enjoy exploring new information 

technologies especially for a wearable health monitoring device” at 3.55 with the 

lowest deviation of information among 4 elements (S.D. = 1.12) which was followed 

closely by “I am generally more curious about the functioning and using of a new 

wearable health monitoring device” which had its mean level at 3.54. The construct 

item with the lowest value was for “I generally tend to purchase latest wearable health 
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monitoring device” at 2.80, which also had the highest deviation of information 

among 4 elements (S.D. = 1.22). The average agreement level was at “Neutral 

agreement”. 

Table 4.36: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of 

Personal Perceived Usefulness 

 

Group Type Constructs Mean S.D. I.L 

 

 

Personal 

Perceived 

Usefulness 

A wearable health monitoring device 

will help me in tracking my health 

performance. 

3.71 1.09 High 

agreement 

Utilizing a wearable health device 

monitoring can make me easier to track 

my health related activities. 

3.75 1.01 High 

agreement 

Wearing a wearable health monitoring 

device can enhance my health 

monitoring effectiveness. 

3.83 0.97 High 

agreement 

Using a wearable health monitoring 

device as a health tracker can make my 

health monitoring better. 

3.72 1.11 High 

agreement 

Total 3.75 1.05 High 

agreement 
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From Table 4.36, the researcher can make the following deductions for independent 

factor “Personal Perceived Usefulness”: For “A wearable health monitoring device 

will help me in tracking my health performance” had the lowest mean at 3.71, 

followed closely by “Using a wearable health monitoring device as a health tracker 

can make my health monitoring better” which had the second lowest level of mean at 

3.72 and had the highest deviation of information among 4 elements (S.D. = 1.11). 

After that “Utilizing a wearable health device monitoring can make me easier to track 

my health related activities” had a mean level of 3.75, followed by the highest mean 

level for the construct “Wearing a wearable health monitoring device can enhance my 

health monitoring effectiveness” which had mean level of 3.83 and the lowest 

deviation of information among 4 elements (S.D. = 0.97). All the constructs had high 

agreement level therefore the average agreement level was also at “High agreement”  

 

Table 4.37: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of 

Personal Ease of Use  

Group Type Constructs Mean S.D. I.L 

 

 

Personal Ease 

of Use 

I find a wearable health monitoring 

device easy to use. 

3.97 0.90 High 

agreement 

I find the user interface of a wearable 

health monitoring device clear and 

understandable. 

3.93 0.90 High 

agreement 

(Continued) 
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Table 4.37: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of 

Personal Ease of Use (Continued) 

Group Type Constructs Mean S.D. I.L 

 

 

 

Personal Ease 

of Use 

I find the workings of a wearable health 

monitoring device user friendly. 

3.89 0.90 High 

agreement 

It is easy for me to become skillful at 

using a wearable health monitoring 

device 

3.77 0.94 High 

agreement 

Total 3.89 0.91 High 

agreement 

         

From Table 4.37, the researcher can make the following deductions for independent 

factor “Personal ease of use”:  “I find a wearable health monitoring device easy to 

use” had the highest mean (mean = 3.97) and a standard deviation of (0.90), followed 

by “I find the user interface of a wearable health monitoring device clear and 

understandable” which had the second highest mean (mean = 3.93) and a standard 

deviation of (0.90). After that, for the construct “I find the workings of a wearable 

health monitoring device user friendly” had a mean at 3.89 and its standard deviation 

was at 0.90. Lowest mean came for construct “It is easy for me to become skillful at 

using a wearable health monitoring device” whose mean level was at 3.77 and also 

had the highest standard deviation level at 0.94.  As all the constructs had high 
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agreement level, the average agreement level was therefore at “High agreement” as 

well.  

Table 4.38: Mean, Standard Deviation (S.D.) and Interpretation Level (I.L) of Buying 

Intention   

 

Group Type Constructs Mean S.D. I.L 

 

 

Buying 

Intention   

To me, a wearable health monitoring 

device would be useful.. 

3.96 1.00 High 

agreement 

I find the price of a wearable health 

monitoring device to be affordable. 

3.97 0.94 High 

agreement 

To me, a wearable health monitoring 

device would be a wise use of money. 

3.75 0.95 High 

agreement 

In overall, I intend to buy a wearable 

health monitoring device. 

3.73 1.19 High 

agreement 

 I would also recommend a wearable 

health monitoring device to my friends 

and/or family  

3.91 1.06 High 

agreement 

Total 3.86 1.03 High 

agreement 
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From Table 4.34, the researcher can make the following deductions for dependent 

variable “Buying Intention”:  For the construct “To me, a wearable health monitoring 

device would be useful” had its mean at 3.96 and a standard deviation of (1.00). For 

construct “I find the price of a wearable health monitoring device to be affordable” 

had the highest mean level at 3.97 and lowest deviation of information from the 5 

constructs at 0.94. After that, for the construct “To me, a wearable health monitoring 

device would be a wise use of money” mean level = 3.75 and its standard deviation 

was at 0.95. Lowest mean came for construct “In overall, I intend to buy a wearable 

health monitoring device” (Mean = 3.73) and highest deviation of information from 

the 5 constructs (S.D. = 1.19).  Finally for “I would also recommend a wearable 

health monitoring device to my friends and/or family” mean level = 3.91. As all the 

constructs had high agreement level, the average agreement level was dependent 

factor “Buying Intention” was at “High agreement” as well.  
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CHAPTER 5 

DISCUSSION 

The objective of this research was to study different factors influencing 

individuals’ buying intentions for wearable health monitoring devices in Bangkok. 

After extensive research, the factors for this study’s dependent and independent 

variables were: personal innovativeness, personal perceived usefulness, personal ease 

of use and buying intention respectively.  

The applied research methodology was based on the quantitative approach by 

surveying and collecting data through questionnaires. A total of 400 respondents were 

surveyed as the total population sample that either owned a wearable health 

monitoring device(s) or were interested in owning them soon or in the near future. 

SEM method was used to analyze the data and validate hypothesis explored by the 

researcher. SEM has a considerable advantage over other methods such as over 

regression analysis which will be briefly discussed later in this chapter. The research 

findings and its significance are discussed below. 

 

5.1 Summary of Research  

As mentioned above, structural equation modeling short for SEM was used for 

this research, thus even the sample size was calculated through SEM analogy 

resulting in 400 participants. For a brief summary of questionnaire, it can be 

summarized as the following: the respondents were divided equally half of them being 

male and half of them being female, majority of them were single and between the 

age of 30-39 years old. Around 88% of them had either bachelor’s degree or master’s 
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degree, with majority earning between 50,001- 100,000 baht most being private 

employees. The three most popular brands were Apple, Samsung and Garmin 

respectively, and majority of individuals exercised at least several times a month with 

around 10% working out even daily. The most popular (preferred) function for their 

wearable health monitoring devices was heart rate tracker followed by step count; 

calories burned; smart functions. The least popular (preferred) function was sports 

tracker with only 55 individuals using or preferring that function. Majority of 

individuals did not mind spending more than 7,000 baht for their wearable health 

monitoring device(s) and preferred using their device for 6 to 12 hours with as many 

as around 20% utilized it for up to 24 hours a day. Finally majority of individuals had 

owned the device for 1-2 years suggesting as previously indicated that the wearable 

health monitoring device(s) are relatively new to the market. After pilot sample and 

full sample testing and exceeding the recommended level exceptionally well of 

reliability test through Cronbach’s Alpha (α), the data was analyzed and validated 

through SEM, which can be used to estimate and tests the theoretical relationship 

between/among latent variables and/or observed variables and it also combines the 

regression and factor analysis (Tabachnick & Fidell, 1996). The latent variables in 

this study, were the independent (PI,PPU,PE) and dependent (BI) factors, as they 

cannot be measured directly, observed variables through survey testing were used (17 

items in total) to analyze the data. The research findings will be mentioned below and 

in addition to that, in the beginning of the study, the researcher asked the following 

research questions: 
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• Is there a positive relationship between each of the explorative factors 

personal innovativeness, perceived usefulness, and perceived ease of 

use?  

• Are there any specific factor(s) that might have the highest impact on 

buying intention? 

Along with the above questions, the researcher will also discuss the hypothesis 

findings below as mentioned before, in research findings and conclusions.  

 

5.2 Research Findings and Conclusion 

In this research, there were a total of six hypothesis proposed. In the first three 

hypotheses, the null hypothesis is proposed as a hypothesis of “no difference” or in 

this case of “no significant impact”. The first hypothesis was “Personal 

innovativeness significantly impacts individuals’ buying intention of wearable health 

monitoring devices”. The P value showed a result of less than 0.01 indicating 

statistically highly significant and strong evidence against the null hypothesis. 

Therefore the researcher rejects the null hypothesis that personal innovativeness has 

no significant impact on individual’s buying intention of wearable health monitoring 

devices and accepts the alternate hypothesis which proves that personal 

innovativeness significantly impacts individuals’ buying intention of wearable health 

monitoring devices. It is consistent with the research that supported this hypothesis 

such as Hirschman (1980) believed personal innovativeness is a crucial factor in 

explaining adoption of innovative products and Li., et al (2016) also noted that 

personal innovativeness among several other factors leads to adoption of wearable 

devices.  
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Second hypothesis proposed was “Personal perceived usefulness significantly 

impacts individual’s buying intention of wearable health monitoring devices”. The P 

value showed a result of less than 0.01 indicating statistically highly significant and 

strong evidence against the null hypothesis. Therefore the researcher rejects the null 

hypothesis that personal perceived usefulness has no significant impact on 

individual’s buying intention of wearable health monitoring devices and accepts the 

proposed hypothesis which proves that personal perceived usefulness significantly 

impacts individuals’ buying intention of wearable health monitoring devices. Davis 

(1989) in his widely accepted and utilized technology acceptance model (TAM) for 

adoption of a new system proposed and supported this hypothesis, and in addition to 

that he believed “ease of use” to be another significant factor impacting an 

individuals’ buying intention of a new system. In addition to that Chau and Hu (2002) 

also found perceived usefulness to be the most significant factor affecting physicians’ 

acceptance of telemedicine technology and Lunney et al. (2016) also observed that 

perceived usefulness impact intention to adopt or buy wearable fitness technology 

through attitudes.  

Third hypothesis proposed was “Personal ease of use significantly impacts 

individuals’ buying intention of wearable health monitoring devices”. The P value 

showed a result of less than 0.01 indicating statistically highly significant and strong 

evidence against the null hypothesis. Therefore the researcher rejects the null 

hypothesis that personal ease of use has no significant impact on individual’s buying 

intention of wearable health monitoring devices and accepts the alternate hypothesis 

which implies that personal ease of use significantly impacts individuals’ buying 

intention of wearable health monitoring devices. As mentioned above, this has been 
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confirmed by the researcher Davis (1989) who found two factors to be the most 

significant in an individual’s intention to adopt a system, one of which was ease of 

use.  Additionally, Schooler (2014) also discovered ease of use as one of the most 

important requirements for wearable technology which is consistent with this study. 

To make the research more beneficial for future business and research, the 

researcher decided to explore further relationship between the latent independent 

variables, proposing three more hypotheses. The fourth hypothesis proposed was 

“There exists a correlation and/or significant relationship between personal 

innovativeness and personal perceived usefulness for individuals buying intention of 

wearable health monitoring devices”. The p value that resulted from this proposed 

hypothesis was <0.01 which proved to be statistically significant and therefore the 

null hypothesis was rejected and the researcher’s proposed alternate hypothesis was 

accepted that there exists a correlation and/or significant relationship between 

personal innovativeness and personal perceived usefulness that may impact 

individuals’ buying intention for wearable health monitoring devices. There have 

been very little study done that only explores these two factors directly but a few that 

explore part of these factor that also consists of other factors such as the study 

conducted by Li et al. (2016) as explained in Chapter 2. The researcher couldn’t find 

any study that explored the direct correlation and relationship between these two 

variables.  

The fifth hypothesis was “there exists a correlation and/or significant 

relationship between personal innovativeness and personal ease of use for individuals 

buying intention of wearable health monitoring devices”. The P value showed that 
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results were statistically highly significant as they were below 0.01 allowing the 

researcher to reject the null hypothesis that there is no correlation or significant 

relationship personal innovativeness and personal ease of use and accept the 

alternate hypothesis that there is a correlation or significant relationship between 

personal innovativeness and personal ease of use for individuals’ buying intention of 

wearable health monitoring devices. Researchers Lewis et al. (2003), Walczuch et al. 

(2007) and Mun et al (2006) have supported that, and Walczuch et al. (2007) 

indicated that higher personal innovativeness leads to a higher perceive ease of use for 

financial service software while Agarwal et al. (2000) proposed an indirect 

relationship between personal innovativeness in IT and perceived ease of use with a 

moderating role of computer self-efficiency for using Window or Lotus software, thus 

the hypothesis is proven and consistent with previous studies.  

The sixth and final hypothesis proposed was “there exists a correlation and/or 

significant relationship between personal perceived usefulness and personal ease of 

use for individuals’ buying intention of wearable health monitoring devices. The 

researchers conducted P value from SEM methodology was less than 0.01 which 

shows significant evidence against the null hypothesis, allowing the researcher to 

reject the null hypothesis that there is no correlation and/or significant relationship 

between personal perceived usefulness and personal ease of use and at the same time 

accept the proposed (alternate) hypothesis mentioned. Davis (1989) has supported 

this hypothesis by judging that there was a correlation between perceived usefulness 

and perceived ease of use where perceived ease of use had a direct effect on perceived 

usefulness or a positive implication on perceived ease of use which may impact an 

individual’s intention to use a system. In addition to Davis (1989), it is also somewhat 
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supported by Chau and Hu (2002) who believed that intention to use a system is 

determined by perceived usefulness and perceived ease of use and perceived of use 

directly affects perceived usefulness as no direct relationship especially for buying 

intention of wearable health monitoring device or related device have been explored 

before. 

5.3 Why SEM? 

 The researcher used structural equation modelling (SEM) to analyse the data 

conducted in this study. There were several reasons in choosing SEM instead of 

regression or multiple regression analysis which is another popular technique used to 

analyse data. SEM is described as a second-generation technique and is partly based 

on the long and well established regression analysis which was from the first 

generation of statistical analysis (Nunkoo & Ramkissoon, 2012). SEM and multiple 

regressions do have a number of common attributes; first, both are general linear 

models; second, both techniques are valid only if certain assumptions are met, and 

third, none of these techniques implies casualty (Weston & Gore, 2006). Then why 

would the researcher go for a different data analytical technique that from multiple 

regression analysis. The researcher briefly explains the reason why he chose SEM 

over multiple regression technique: 

Modelling of measurement errors and unexplained variances 

 One of the major advantages of SEM over multiple regression analysis is that 

the SEM takes into account measurement errors (illustrated by letter ‘e’ in figure 2 

and 3 of this research) (Mackenzie, 2001; Musil et al., 1998) which are ignored in 

multiple regression analysis. SEM is able to treat both the dependent and independent 
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variables as random variables with error of measurement (Golob, 2003) and takes this 

into account in evaluating the model and the hypothesised relationship. Multiple 

regression lacks robustness to measurement error and usually assumes perfect 

measurement of variables (Nunkoo & Ramkissoon, 2012). Applying multiple 

regression in situations where measures contain measurement error means that such 

errors are ignored and this may lead to statistical inaccuracies and biased results 

(Nunkoo & Ramkissoon, 2012). Mackenzie (2001) argues that measurement error in 

even a single independent variable can increase or decrease all other regression 

coefficients in a multiple regression equation and other studies have supported this 

claim such as study done by Musil et al. (1998) where results had a significant 

difference after adjusting for measurement error.  

 

Simultaneous testing of relationship 

 SEM has the means to test a full structural model compared to multiple 

regression where researchers are restricted to testing of models containing a single 

dependent variable, although several multiple regression equations can be used to 

model more than one dependent variable (Nunkoo & Ramkissoon, 2012). However, 

for example in this research, one of the hypotheses was used to test the 

interrelationship between the independent variables (PI       PE) through SEM while 

multiple regression technique regression technique cannot take into account the 

interaction effects among the hypothesized constructs (dependent and independent) 

(Cheng, 2001). SEM is known for its ability to test all hypothesised relationships in a 

structural model simultaneously (Nunkoo & Ramkissoon, 2012). When researchers 

are able to estimate a series of interrelated dependence relationships in a model 
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simultaneously, there are no risks associated with lack of connections between each 

regression equation as is the case with multiple regression analysis. As a result, SEM 

has proved very useful in advancing future research (Nunkoo & Ramkissoon, 2012). 

 

Best-fitting model and theory development 

   According to Nunkoo and Ramkissoon (2012), SEM has a great potential for 

theory development compared to multiple regression. Although multiple regression 

has the ability to examine relationships between predictor and outcome variables, it 

cannot propose new relationships in a model that are theoretically explained while at 

the same time fit the data to the model (Cheng, 2001). SEM provides researchers with 

the opportunity for model re-specification (i.e. formation of nested structural models). 

If a structural model has some non-significant paths or bad fitting of the model, SEM 

shows the need to propose new hypothesised relationships, provided that these are 

theoretically explained which are done through model fitting data briefly explained in 

chapter 4 , but it allows new theoretically justified and meaningful relationships to 

emerge, contributing to the development of the theory. A number of empirical studies 

confirm the role of SEM for theory development such as the study conducted by 

Nusair and Hua (2010) who concluded that only two significant relationships were 

justified by multiple regression in comparison to SEM analysis which revealed 

additional statistically significant relationships after the best-fitting model was 

identified. Similarly Cheng (2001) also detected two additional paths which were 

supported statistically supported with SEM compared to one additional path with 

regression analysis for his research.  
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5.4 Research Implications 

 This research explored factors that influence or explain an individuals’ 

intention to buy or adopt a system. By extensive research, through understanding and 

exploring various articles including previous implications and limitations, the 

researcher used three independent variables and one dependent variable that he 

believed through reference, that were best suited for this study. Results and discussion 

presented above proved that all hypotheses carried out to be significant to the study; 

therefore this research provided several implications to industries, other businesses 

and researchers.  

Firstly to the best of researchers’ knowledge, no other study that have been 

conducted before, solely explored and used a combination of three independent 

factors that not only explained the impact on the dependent factor, but also the 

relationship between those independent variables that may impact this research’s 

dependent variable for wearable health monitoring devices through SEM 

methodology such as correlation and significant relationship that was established in 

this study between Personal Innovativeness and Personal Perceived Usefulness that 

may impact individuals’ buying intention for wearable health monitoring devices 

which allowed the researcher to have a deeper understanding and a greater grasp of 

how important each variable are as a separate construct and also as a joint construct as 

correlation was also established between the different independent variables of which 

seemed insignificant to the researcher in the start of this research.  

For industry, specifically healthcare professionals are very conservative about 

trying new technologies since their work directly relates to patient’s safety (Wu et., 
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2011). They often adopt new technology with high confidence only when skill level 

or knowledge seems stable and mature. This research showed that individuals are 

willing to buy a wearable health monitoring device or devices either now or in soon 

future and use them for majority of their day. This can have implications on hospitals 

and healthcare professionals as to effectively encourage healthcare industry to use 

wearable health monitoring devices for themselves and their patients, the policies and 

regulation concerning these devices needs to be looked upon so the adopting of these 

devices can be done without difficult for health care industry.   

For other businesses, the result of this study showed that personal 

innovativeness, personal perceived usefulness and personal ease of use, all of which 

can influence and individuals to buy wearable health monitoring devices. In addition 

to this, the result showed that all three independent variables play a significant role 

with each of the other independent variable, that there exists an intertwined 

relationship and correlation between these independent variables as well that impacts 

individuals buying intention of a wearable health monitoring device. This means that 

other businesses such as those manufacturing these wearable devices shouldn’t ignore 

how important that these three factors are, not only as individually but as together 

combined. As these intertwined relationships have not been studied before, it leaves a 

major implication on other businesses. Other businesses have to focus on not only 

making a wearable device useful, but also easy to use. Similarly they cannot ignore 

the importance of personal innovativeness, for example a device may be innovative 

such as the discussed wearable health monitoring devices which is considered an 

innovative product (Lee & Lee, 2018), but if the product is not useful, that individuals 

may have no intention to buy that system. For example, Microsoft’s SPOT watches 
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which had the ability to provide stock prices, weather information and some other 

minor information, however they weren’t very useful as other form of devices such as 

mobiles phone already existed that surpassed the features available in SPOT watches 

(Microsoft, Bright and Peter, 2014). At the same time, a product or system maybe still 

be innovative but too difficult to use which may again deter away potential clients. 

For example, a product that was developed in 2014 called “Coolest Cooler” which 

was a multi-function cooker which was funded by the Kickstarter website raising over 

$13 million dollars, making it the most funded kickstarter campaign of 2014 (Yahoo 

News, 2014). It has various innovative features including, a bluetooth water-resistant 

speaker, USB charging port, a bottle opener and so on. In fact, Times magazine listed 

the “Coolest Cooler” as one of the 25 best innovations of 2014 (TIME, 2014), but still 

failed. Apart from major delays and setbacks, one of the reasons it failed was because 

issues with the devices, including break down, motor issues, and just simply difficulty 

to fix if an issue arise which made it difficult to use and handle overall (Amazon 

Reviews). Therefore other business involved should emphasize the pragmatic 

functions and benefits of these devices, aimed at improving usability of wearables’ 

(Rupp et al., 2018) while attracting individuals with high innovativeness. The 

wearable monitoring devices should also be compatible with current communication 

technologies (e.g., smartphones, tablets, and PCs) and age-friendly for older adults 

(e.g., with proper interface design and large font size) especially if the need of 

recording data exists that could be useful to other industries as well such as healthcare 

industries current communication technologies 

For researchers, the findings in this study indicated that all the variables had 

significant impact for wearable health monitoring devices. Prior research on IT 
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acceptance or adoption are either based on components of TAM failing to add 

personal innovativeness, or various other factors additional to all the factors used in 

this study but failing to study the link between these factors whether they have a 

correlation and impact intention to buy a use a system. This research presented that 

apart from the independent variables having each a separate impact on the dependent 

variable of this study; they also have an impact together having an intertwined and 

significant relationship between the each independent variable. This will provide 

researchers a new way for theoretically defining and exploring relationship between 

the different variables for study of wearable health monitoring devices   

5.5 Research Limitations and Recommendations for future research  

 Though this research identified key factors that influence an individuals’ 

buying intention of wearable health monitoring devices, it is not without some 

limitations. The majority of the respondents for this research belonged to an age group 

of between 30-39 years old therefore the results of this research may have been 

limited to the age group. Had there been an equal distribution of the respondents from 

different age groups, there would have been a variance in the result. For example, the 

younger age group may think differently than the older group such as a retired person, 

as their reason for intending to buy a wearable healthcare monitoring device maybe 

different such as out of necessity or some other factors might be more important, such 

as personal ease of use may take priority over personal innovativeness, or a complete 

new or different factor not explored in this study. Therefore, future researchers are 

recommended to collect the responses from different age group in equal or equivalent 

distribution such that the there is no generalization. The focus of this study was based 
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on Bangkok and specific areas of Bangkok. Therefore similar to the age group, future 

researchers can study other areas and regions of Thailand as well, as well as identify 

target users of wearable health monitoring devices as the impact may not represent the 

entire country.  

 The data gathered was during a short period of time, and that might not have 

been enough to include various groups of people that otherwise would have better 

reflected wearable health monitoring devices study group such as individuals with 

different professional status that may have different budget or different reasons for 

wanting to buy wearable health monitoring device(s) . In addition to that, there are 

many other factors that future researchers can explore apart from and addition to the 

factors explored in this study, such as technical or technological factors and other 

behaviour factors of the device such as the functions of the device, price, design and 

other factors that may influence buying intention. Example, there are implications for 

healthcare industry and other businesses for this study such as user acceptance but it is 

important to also research on risks associated with it, such as privacy risks. As an 

individual who owns a wearable health monitoring device, privacy concerns comes to 

mind especially when giving sensitive information to other business including 

healthcare industry, so other business and healthcare industry can give assurance and 

explore how to ensure safety of privacy concerns individuals might have. 

Manufacturers can also provide additional information such as how accurate a 

measurement the individual monitors is, as one study showed nearly 35% of 

individuals were concerned about the reliability and measuring accuracy of the smart 

wearable system (Li, Ma, Chan, & Man, 2019) 
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 Additional features could be implemented in future wrist based wearable 

health monitoring devices and smart watches that could be useful to the health care 

industry, such as what Apple has already done with its smart watch, adding ECG 

monitoring capabilities which could be utilized by a medical professional. Training 

programs, technical support, and financial aid provided by the practitioners or family 

members would be crucial in facilitating the use of smart wearables’. In accordance 

with prior studies (Lee and Coughlin, 2015; Mitzner et al., 2010; Demiris, Finkelstein 

& Speedie, 2001), external support such as providing well-designed technology 

training for older adults is a promising way to help them overcome concerns in using 

innovation technologies, which in turn will enhance older adults' technology 

acceptance. All the limitations of this study may reveal opportunities for future 

academic research on the acceptance and buying intention of wearable health 

monitoring devices. 
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Factors 
Original 

Eng. v. 

Adjusting 

Eng. v. 

Adjusted 

Thai v. 
IOC 

Comments 

from the 

expert 

Total 

points 

Personal 

Innovativeness 

(PI) 

PI1: If I heard 

about a new IT 

product, I would 

like to be 

knowledgeable 

about it. 

PI1: If I heard 

about a new 

wearable health 

monitoring 

device, I would 

like to be 

knowledgeable 

about it. 

PI1: ถ้าท่านได้ยนิ

เกีย่วกบัอุปกรณ์

สวมใส่อจัริยะ

ใหม่ๆ ท่าน

ต้องการที่จะรู้

เกีย่วกบั

เทคโนโลยี

ดงักล่าว 

   

 PI2: I enjoy 

exploring new 

information 

technologies. 

 

PI2: I enjoy 

exploring new 

information 

technologies 

especially for  

a wearable 

health 

monitoring 

device. 

PI2: ท่านสนุกกบั

การเรียนรู้

เทคโนโลยี

สารสนเทศใหม่ๆ 

โดยเฉพาะอย่างยิ่ง

เร่ืองที่เกีย่วกบั 

อุปกรณ์สวมใส่

อจัฉริยะ 

   

 PI3: I generally 

tend to purchase 

latest IT 

products. 

 

PI3: I generally 

tend to purchase 

latest wearable 

health 

monitoring 

device. 

PI3: โดยทัว่ไป

แล้ว ท่านมักจะ

ซ้ืออุปกรณ์สวมใส่

อจัฉริยะรุ่นใหม่

ล่าสุดเสมอ 
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Factors 
Original 

Eng. v. 

Adjusting 

Eng. v. 

Adjusted 

Thai v. 
IOC 

Comments 

from the 

expert 

Total 

points 

 PI4: I am 

generally more 

curious about 

the functioning 

and using of 

new information 

technologies. 

PI4: I am 

generally more 

curious about 

the functioning 

and using of  

a new wearable 

health 

monitoring 

device. 

PI4:โดยทั่วไป

แล้ว ท่านมีความ

สนใจเป็นพิเศษ

เกีย่วกบัฟังก์ชัน

ใหม่ๆและการใช้

อุปกรณ์สวมใส่

อจัฉริยะ 

   

Personal 

Perceived 

Usefulness 

(PPU) 

 

PPU1: SWH 

will help me in 

tracking my 

health 

performance. 

PPU1: A 

wearable health 

monitoring 

device will help 

me in tracking 

my health 

performance. 

PPU1:อุปกรณ์

สวมใส่อจัฉริยะ

สามารถเป็นตัว

ช่วยในการดูแล

สุขภาพเบ้ืองต้น

ของท่านได้ 

   

 PPU2: Wearing 

SWH would 

make it easier to 

track my health 

related activities. 

PPU2: Utilizing 

a wearable 

health 

monitoring can 

make me easier 

to track my 

health related 

activities. 

 

PPU2: การใช้

อุปกรณ์สวมใส่

อจัฉริยะช่วยให้

ท่านเกบ็ข้อมูล

ด้านสุขภาพและ

การตรวจวดั

กจิกรรมต่างๆได้

ง่ายขึน้ 
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Factors 
Original 

Eng. v. 

Adjusting 

Eng. v. 

Adjusted 

Thai v. 
IOC 

Comments 

from the 

expert 

Total 

points 

 PPU3: Wearing 

SWH would 

enhance my 

health 

monitoring 

effectiveness. 

PPU3: Wearing  

a wearable 

health 

monitoring 

device can 

enhance my 

health 

monitoring 

effectiveness. 

 

PPU3: การใช้

อุปกรณ์สวมใส่

อจัฉริยะสามารถ

เพิม่ประสิทธิภาพ

ในการตรวจวดั

ข้อมูลด้านสุขภาพ

ของท่านได้ดี

ยิง่ขึน้ 

   

 PPU4: Using 

SWH as a health 

tracker would 

make my health 

monitoring 

better. 

PPU4: Using a 

wearable health 

monitoring 

device as a 

health tracker 

can make my 

health 

monitoring 

better. 

 

PPU4: การใช้

อุปกรณ์สวมใส่

อจัฉริยะทําให้

ท่านเข้าถึงข้อมูล

ด้านสุขภาพของ

ท่านได้ดขีึน้ 

   

Personal Ease 

of Use (PE) 

 

PE1: I find 

SWH easy to 

use. 

PE1: I find a 

wearable health 

monitoring 

device easy to 

use. 

PE1: ท่านคดิว่า

อุปกรณ์สวมใส่

อจัฉริยะง่ายต่อ

การใช้งาน 

   

 PE2: I find the 

user interface of 

PE2: I find the 

user interface of  

PE2: ท่านคดิว่า

การออกแบบ
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Factors 
Original 

Eng. v. 

Adjusting 

Eng. v. 

Adjusted 

Thai v. 
IOC 

Comments 

from the 

expert 

Total 

points 

SWH clear and 

understandable. 

a wearable 

health 

monitoring 

device clear and 

understandable. 

หน้าจออุปกรณ์

สวมใส่อจัฉริยะมี

ความชัดเจนและ

เข้าใจง่าย 

 PE3: I find the 

working of 

SWH user 

friendly. 

PE3: I find the 

working of  

a wearable 

health 

monitoring 

device user 

friendly. 

PE3: ท่านคดิว่า

ระบบการทํางาน

ของอุปกรณ์สวม

ใส่อจัฉริยะใช้งาน

ได้ง่ายและเป็น

มิตรกบัผู้ใช้ 

   

 PE4: It is easy 

for me to 

become skillful 

at using SWH. 

PE4: It is easy 

for me to 

become skillful 

at using  

a wearable 

health 

monitoring 

device. 

PE4: ท่าน

สามารถเรียนรู้

ทักษะการใช้งาน

อุปกรณ์สวมใส่

อจัฉริยะได้อย่าง

ง่ายดาย 

   

Buying 

Intention (BI) 

BI1: To me,  

a wearable 

fitness 

tracker would be 

useful. 

BI1: To me,  

a wearable 

health 

monitoring 

device would be 

useful. 

BI1: ท่านคดิว่า

อุปกรณ์สวมใส่

อจัฉริยะนั้นเป็น

ประโยชน์สําหรับ

ท่าน 
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Factors 
Original 

Eng. v. 

Adjusting 

Eng. v. 

Adjusted 

Thai v. 
IOC 

Comments 

from the 

expert 

Total 

points 

 BI2: You think 

the price of  

a wearable 

fitness tracker 

(or an activity 

tracker) is 

expensive? 

BI2: I expect the 

price of  

a wearable 

health 

monitoring 

device to be 

affordable. 

BI2: ท่าน

คาดหวังว่าราคา

ของอุปกรณ์สวม

ใส่อจัฉริยะนั้นจับ

ต้องได้และไม่แพง

เกนิไป 

   

 BI3: To me,  

a wearable 

fitness 

tracker would be 

a wise use of 

money. 

BI3: To me,  

a wearable 

health 

monitoring 

device would be 

a wise use of 

money. 

BI3: ท่านคดิว่า

การซ้ืออุปกรณ์

สวมใส่อจัฉริยะ

เป็นการใช้เงนิ

อย่างชาญฉลาด 

   

 BI4: I intend to 

purchase 

wearable 

devices 

BI4 In overall, I 

intend to buy a 

wearable health 

monitoring 

device. 

BI4: โดยรวมแล้ว 

ท่านตั้งใจที่จะซ้ือ

อุปกรณ์สวมใส่

อจัฉริยะ 

   

 BI5: I would 

recommend 

wearable 

devices to my 

neighbors 

BI5: I would 

also recommend 

a wearable 

health 

monitoring 

device to my 

friends and/or 

family  

BI5: ท่านจะ

แนะนําอุปกรณ์

สวมใส่อจัฉริยะ

ให้กบัเพ่ือนและ/

หรือครอบครัว

ของท่าน 
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NO...... 

Questionnaire in English Version 

Study of factors influencing Individuals Buying Intentions for Wearable Health 
Monitoring Devices in Bangkok 

 

Instruction: The objective of this survey is to collect data solely for use in Master of 

Business Administration (MBA) Thesis research for Graduate School of Bangkok 

University. The result of this research will benefit healthcare industry, technology, 

other business and future researchers. In regards of this, I, Mohammed Suhail Looji, 

an MBA student from Bangkok University would like to ask for your kind 

cooperation in spending your valuable time to complete this questionnaire. I, hereby, 

confirm that your information and answer will be strictly confidentially only used for 

academic purpose. Thank you for your cooperation. 

PART I: Demographic Information  

Instruction: Please answer the following question and put in  that matches you most. 

1. Gender 

  1. Male       2. Female 

2. Age 

  1. 18 to 23 years     2. 24–29 years old 

  3. 30-39 years old     4. 40-49 years old 

  5. Equal and over 50 years old 
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3. Status  

  1. Single   2. Married  3. Divorced/ Widowed/ Separated 

4. Level of education 

  1. Under Bachelor Degree   2. Bachelor Degree 

  3. Master Degree     4. Doctorate Degree  

  5. Others, Please Specify …………………………………… 

 

5. Monthly income 

  1. Less than and equal to 15,000 baht  2. 15,001–30,000 baht 

  3. 30,001–50,000 baht    4. 50,001-100,000 baht 

  5. 100,001–150,000 baht    5. More than 150,000 baht 

 

6. Professional Status 

  1. State enterprise employee   2.  Private employee 

  3. Self-Employed     4. Searching for a job 

  5. Housewives     6. Retired 

  7. Students      8. Others, Please Specify.…… 
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PART II: Consumer behaviour 

7. Which of the following brand(s) do you prefer for your wearable health 
monitoring device(s)? 

(You can choose more than one option)  

 

  1. Garmin      2.  Fitbit  

   3. Apple       4.  Samsung 

  5. Polar     6.  Motiv 

 7. Amazfit     8.  Xiaomi     

 9. Huawei     10. Others, Please Specify.…… 

 

8. How many times per week do you work out or exercise? 

 

  1. Daily       2. Once a week 

  3. Several times per week    4. Once a month 

  5. Several times per month   6. Once a year 

   7. Several times per year    8. Others, Please Specify …… 

 

9. What function(s) do you use for your wearable health monitoring devices or 
would you use if you wore one? 

(You can choose more than one option)  

 

  1. Calories burned     2. Heart Rate tracker 

  3. Workout programs    4. Sports tracker 

  5. Activities tracker    6. Step count 
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  7. Sleep tracker     8. Weight tracker 

  9. Smart functions such listening to music, text messages, calls, etc. 

   10. Others, Please Specify.…… 

 

10.  How much would you spend on a wearable health monitoring device(s)? 

   1. Less than or equal to 1,000 baht  2. 1,001-2,500 baht 

  3. 2,501- 4,000 baht    4. 4,001-5,500 baht 

  5. 5,501-7,000 baht    6. More than 7,000 baht 

 

11. How long do you or would you spend every day using your wearable health 

monitoring device(s)? 

  1. Less than or equal to 60 minutes  2. 1 hour -2 hours 

  3. 2 hours to 4 hours    4. 4 hours to 6 hours 

  5. 6 hours to 12 hours    6. 12 hours to 24 hours 

 

12. How long have you been using your wearable health monitoring device(s)? 

  1. Less than 1 month    2. 1 - 4 months 

  3. 5 - 8 months     4. 9 - 12 months 

  5. 1 to 2 years      6. Others, Please Specify …… 
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PART III: Factors Influencing Individuals Buying Intention. 

Please mark every question with only one  in the box that most corresponded to 

your opinion. 

Agreeable Level 

1 2 3 4 5 

Strongly 
Disagree 

Slightly 
Disagree Neutral Slightly Agree Strongly Agree 

 

 

Agreeable Level 

Strongly 

Disagree 

(1) 

Slight 

Disagree 

(2) 

Neutral 

 

(3) 

Slight 

Agree 

(4) 

Strongly 

Agree 

(5) 

Personal Innovativeness (PI) 

1 If I heard about a new wearable health 

monitoring device, I would like to 

know about it. 

     

2 I enjoy exploring new information 

technologies especially for a wearable 

health monitoring device. 

     

3 I generally tend to purchase latest 

wearable health monitoring device. 

     

4 I am generally more curious about the 

functioning and using of a new 

wearable health monitoring device. 
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Agreeable Level 

Strongly 

Disagree 

(1) 

Slight 

Disagree 

(2) 

Neutral 

 

(3) 

Slight 

Agree 

(4) 

Strongly 

Agree 

(5) 

 

Personal Perceived Usefulness (PPU) 

1 A wearable health monitoring device 

will help me in tracking my health 

performance. 

     

2 Utilizing a wearable health device 

monitoring can make me easier to 

track my health related activities. 

     

3 Wearing a wearable health monitoring 

device can enhance my health 

monitoring effectiveness. 

     

4 Using a wearable health monitoring 

device as a health tracker can make 

my health monitoring better. 

     

Personal Ease of Use (PE) 

1 I find a wearable health monitoring 

device easy to use. 

     

2 I find the user interface of a wearable 

health monitoring device clear and 

understandable. 
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Agreeable Level 

Strongly 

Disagree 

(1) 

Slight 

Disagree 

(2) 

Neutral 

 

(3) 

Slight 

Agree 

(4) 

Strongly 

Agree 

(5) 

3 I find the workings of a wearable 

health monitoring device user 

friendly. 

     

4 It is easy for me to become skilful at 

using a wearable health monitoring 

device 

     

Buying Intention (BI) 

1 To me, a wearable health monitoring 

device would be useful. 

     

2 I find the price of a wearable health 

monitoring device to be affordable. 

     

3 To me, a wearable health monitoring 

device would be a wise use of money. 

     

4 In overall, I intend to buy a wearable 

health monitoring device. 

     

5  I would also recommend a wearable 

health monitoring device to my 

friends and/or family  
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Please recommend other factors that you believe that might positively affect 

individual’s buying intention for wearable health monitoring devices.  

_____________________________________________________________________

_____________________________________________________________________

_____________________________________________________________________ 

Thank you for your cooperation 

M Suhail Looji 

E–Mail: suhail.looj@bumail.net 
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C Survey Questions (Thai) 
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แบบสอบถาม 

เรื่อง การศึกษาปจจัยท่ีมีอิทธิพลตอความตั้งใจซ้ืออุปกรณสวมใสอัจฉริยะของแตละบุคคล 

ในกรุงเทพมหานคร 

 

คําช้ีแจง: แบบสอบถามนี้มีวัตถุประสงคเก็บรวบรวมขอมูล เพ่ือนําไปประกอบการทําวิทยานิพนธ

ระดับปริญญาโท บริหารธุรกิจมหาบัณฑิต มหาวิทยาลัยกรุงเทพ และสามารถนําผลการวิจัยไปใช

ประโยชนไดอยางมีประสิทธิภาพตอธุรกิจดานสุขภาพ เทคโนโลยี และงานวิจัยอ่ืนๆท่ีเก่ียวของใน

อนาคต ดังนั้นจึงใครขอความรวมมือจากทานในการตอบแบบสอบถามใหตรงตามความเห็นของทาน

มากท่ีสุด โอกาสนี้ผูศึกษางานวิทยานิพนธ Mr. Suhail Looji นักศึกษาปริญญาโท สาขาวิชาเอก

บริหารธุรกิจ คณะบริหารธุรกิจ มหาวิทยาลัยกรุงเทพ ขอขอบคุณในความรวมมือของทานเปนอยาง

สูง 

 

สวนท่ี 1: ขอมูลท่ัวไป  

คําชี้แจง: โปรดทําเครื่องหมาย ลงในชองท่ีตรงกับความคิดเห็นของทานมากท่ีสุดในแตละขอเพียง

ขอละหนึ่งคําตอบและโปรดทําใหครบทุกขอ 

 

1. เพศ 

  1. ชาย        2. หญิง  

 

2. อายุ 

  1. ตั้งแต 18 ถึง 23 ป    2. 24–29 ป 

  3. 30-39 ป      4. 40-49 ป 

  5. เทากับหรือมากกวา 50 ป 
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3. สถานภาพ  

  1. โสด     2 สมรส   3.  หยาราง / หมาย/ แยกกันอยู 

 

4. ระดับการศึกษา 

  1.  ต่ํากวาปริญญาตรี    2. ปริญญาตรี 

  3. ปริญญาโท      4. ปริญญาเอก  

  5. อ่ืน ๆ โปรดระบุ........................................... 

 

5. รายไดตอเดือน 

  1. ต่ํากวาหรือเทากับ 15,000 บาท   2 .15,001–30,000 บาท 

  3. 30,001–50,000 บาท    4. 50,001-100,000 บาท 

  5. 100,001–150,000 บาท    6. มากกวา150,000 บาท 

 

6. อาชีพ 

  1. พนักงานรัฐวิสาหกิจ  รับราชการ    2. พนักงานบริษัทเอกชน  รับจาง  

  3. ธุรกิจสวนตัวคาขาย    4. อยูในชวงหางาน 

  5.  ไมประกอบอาชีพ     6. เกษียณ 

  7.  นักเรียน / นักศึกษา    8. อ่ืนๆ โปรดระบุ.......................... 

 

สวนท่ี 2: พฤติกรรมผูบริโภค 

7. ทานใชอุปกรณสวมใสอัจฉริยะย่ีหอใด (สามารถเลือกไดมากกวา 1 ขอ ) 

  1. การมิน (Garmin)         2  (ฟตบิท . Fitbit) 

  3. แอปเปล (Apple)     4. ซัมซุง (Samsung) 

  5. โพลาร (Polar)     6. โมทีฟ (Motiv) 

   7.  อเมซฟต (Amazfit)    8. เสี่ยวหม่ี (Xiaomi) 

   9.  (หัวเวย Huawei)  

   10 .อ่ืน ๆ โปรดระบุ................................................................................... 
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8. ทานออกกําลังกายกี่ครั้งตอสัปดาห 

            1. ทุกวัน       2. 1 ครั้งตอสัปดาห 

  3. มากกวา 1 ครั้งตอสัปดาห    4. 1 ครั้งตอเดือน 

  5. มากกวา 1 ครั้งตอเดือน    6. 1 ครั้งตอป 

  7. มากกวา 1 ครั้งตอป    8. อ่ืนๆ โปรดระบุ..........................  

 

9. ทานใชฟงกชันใดบางจากอุปกรณสวมใสอัจฉริยะ (สามารถเลือกไดมากกวา 1 ขอ ) 

  1. คํานวณการเผาผลาญพลังงาน   2. วัดชีพจร 

  3. บันทึกโปรแกรมออกกําลังกาย   4. ติดตามการออกกําลังกาย 

  5.  บันทึกกิจกรรมตางๆ     6. นับกาวระยะทางท่ีเดินวิ่ง 

  7. บันทึกการนอน      8. บันทึกการควบคุมน้ําหนัก 

  9. ฟงกชันอ่ืนๆเชน ฟงเพลง ขอความ โทรศัพทฯลฯ 

  10 .อ่ืนๆ โปรดระบุ..........................  

 

10.คุณมีงบประมาณเทาไหรสําหรับการซ้ืออุปกรณสวมใสอัจฉริยะ 

  1. นอยกวาหรือเทากับ 1,000 บาท   2. 1,001-2,500 บาท 

  3. 2,501-4,000 บาท    4. 4,001-5,500 บาท 

  5. 5,501-7,000 บาท    6. มากกวา 7,000 บาท 

 

11. คุณใชอุปกรณสวมใสอัจฉริยะนานเทาไหรในแตละวัน 

  1. นอยกวาหรือเทากับ 60 นาที   2. 1-2 ชั่วโมง 

  3. 2-4 ชั่วโมง      4 .4-6 ชั่วโมง 

  5. 6-12 ชั่วโมง      6. 12-24 ชั่วโมง  

 

12. คุณใชอุปกรณสวมใสอัจฉริยะมานานเทาใดแลว 

  1. นอยกวา 1 เดือน     2. 1-4 เดือน 

  3. 5-8 เดือน      4 .9-12 เดือน 

  5. 1-2 ป        6. อ่ืนๆ โปรดระบุ..........................
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สวนท่ี 3: ปจจัยท่ีมีอิทธิพลตอความตั้งใจซ้ือ 

โปรดทําเครื่องหมาย ลงในชองท่ีตรงกับความคิดเห็นของทานมากท่ีสุดในแตละขอเพียงขอละหนึ่ง

คําตอบและโปรดทําใหครบทุกขอ 

 

 

ระดับความเห็นดวย 

นอย

ท่ีสุด 

(1) 

นอย 

 

(2) 

ปาน

กลาง 

(3) 

มาก 

 

(4) 

มาก

ท่ีสุด 

(5) 

ระดับการยอมรับเทคโนโลยีใหม )Personal Innovativeness) 

1 ถาทานไดยินเก่ียวกับอุปกรณสวมใสอัจริยะใหมๆ 

ทานตองการท่ีจะรูเก่ียวกับเทคโนโลยีดังกลาว  

     

2 ทานสนุกกับการเรียนรูเทคโนโลยีสารสนเทศใหมๆ 

โดยเฉพาะอยางยิ่งเรื่องท่ีเก่ียวกับ อุปกรณสวมใส

อัจฉริยะ 

     

3 โดยท่ัวไปแลว ทานมักจะซ้ืออุปกรณสวมใส

อัจฉริยะรุนใหมลาสุดเสมอ 

     

4 โดยท่ัวไปแลว ทานมีความสนใจเปนพิเศษเก่ียวกับ

ฟงกชันใหมๆและการใชอุปกรณสวมใสอัจฉริยะ 

     

การรับรูถึงประโยชนท่ีเกิดจากการใช (Personal Perceived Usefulness)                                                      

1 อุปกรณสวมใสอัจฉริยะสามารถเปนตัวชวยในการ

ดูแลสุขภาพเบื้องตนของทานได 

     

2 การใชอุปกรณสวมใสอัจฉริยะชวยใหทานเก็บ

ขอมูลดานสุขภาพและการตรวจวัดกิจกรรมตางๆ

ไดงายข้ึน 

     

3 การใชอุปกรณสวมใสอัจฉริยะสามารถเพ่ิม

ประสิทธิภาพในการตรวจวัดขอมูลดานสุขภาพของ

ทานไดดียิ่งข้ึน 

     

4 การใชอุปกรณสวมใสอัจฉริยะทําใหทานเขาถึง

ขอมูลดานสุขภาพของทานไดดีข้ึน 
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ระดับความเห็นดวย 

นอย

ท่ีสุด 

(1) 

นอย 

 

(2) 

ปาน

กลาง 

(3) 

มาก 

 

(4) 

มาก

ท่ีสุด 

(5) 

การรับรูถึงความงายในการใชงาน (Personal Ease of Use) 

1 ทานคิดวาอุปกรณสวมใสอัจฉริยะงายตอการใช

งาน 

     

2 ทานคิดวาการออกแบบหนาจออุปกรณสวมใส

อัจฉริยะมีความชัดเจนและเขาใจงาย 

     

3 ทานคิดวาระบบการทํางานของอุปกรณสวมใส

อัจฉริยะใชงานไดงายและเปนมิตรกับผูใช  

     

4 ทานสามารถเรียนรูทักษะการใชงานอุปกรณสวม

ใสอัจฉริยะไดอยางงายดาย 

     

ความตั้งใจซ้ือ )Buying Intention( 

1 ทานคิดวาอุปกรณสวมใสอัจฉริยะนั้นเปนประโยชน

สําหรับทาน 

     

2 ทานคาดหวังวาราคาของอุปกรณสวมใสอัจฉริยะนั้น

จับตองไดและไมแพงเกินไป  

     

3 ทานคิดวาการซ้ืออุปกรณสวมใสอัจฉริยะเปนการใช

เงินอยางชาญฉลาด 

     

4 โดยรวมแลว ทานตั้งใจท่ีจะซ้ืออุปกรณสวมใส

อัจฉริยะ 

     

5 ทานจะแนะนําอุปกรณสวมใสอัจฉริยะใหกับเพ่ือน

และ/หรือครอบครัวของทาน 
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ขอใหทานโปรดแนะนําเพ่ิมเติมสําหรับปจจัยอ่ืนๆท่ีอาจสงผลในเชิงบวกตอความตั้งใจซ้ืออุปกรณ

สวมใสอัจฉริยะ 

_________________________________________________________________________

_________________________________________________________________________

_________________________________________________________________________

_________________________________________________________________________

_________________________________________________________________________

_________________________________________________________________________ 

 

โอกาสนี้ผูศึกษางานวิทยานิพนธขอขอบคุณในความรวมมือของทานเปนอยางสูง 

M Suhail Looji 

E–Mail: suhail.looji@bumail.net 
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